IONIO ITANEITIXTHMIO

TMHMA ZENON I'AQX2OQN METAOPAYXHY KAI AIEPMHNEIAX

Xpiotiva Povpeiiot
AM.: E2014037

chrenalyx@gmail.com

“MACHINE TRANSLATION: A THREAT OR AN
OPPORTUNITY FOR HUMAN TRANSLATORS?” -
Metagpoaon kKepuEvoy oyetTikd pe T Mnyavuki) Metaepaon

Emtpom Enonteiog:
BueApivn Zocowvn

Kelavdpag Mavayidhng

Képrvpa, ZentéuPproc 2018


mailto:chrenalyx@gmail.com




“MACHINE TRANSLATION: A THREAT OR AN

OPPORTUNITY FOR HUMAN TRANSLATORS?” -
Metd@paon kelpévov oyetika pe ™ Mnyoviki Metdgpaon



MNEPIEXOMENA
1. TIp6Aoyog
2. IlpwtdTumo keipevo ota AyyAkd
3. Metdppaon kepévov ota EAAnvika
4, TyoMaouog
4.1 H petagppaotiky 1oduvayio

4.2 Ot Aertovpyikég Bempieg Yoo T pHeTdopaon
4.3 MeTaQPOCTIKN EVTOAN KOl LETAPPACTIKA TPOPAN LT

5. Thwoacdpt

6. Biproypaeia



1. IIPOAOI'OX

H mapovoa epyacio mpaypatonoleitol 610 TAMIGIO TOV TPOTTUYLAKMY GTOVODV
070 avTikeipevo ¢ Metappaong oto Tunpa ZEéveov Nioccov Metdepaong kot
Aeppunveiag tov loviov Iavemomuiov kot okomdg ¢ eivar 1 anddoorn Tov
gmotuovikov apbpov pe titho “Machine translation: A threat or an opportunity
for human translators?” tg Karolina Puchata-Ladzinska amd to Ilavemotiuo
tov Rzeszéw, omuocievpuévo oto mepodikdé INTERNATIONAL ENGLISH
STUDIES JOURNAL, STUDIA ANGLICA RESOVIENSIA, Tépog 13, 1o 2016
amo 1o oo [avemotiuo.

To &pBpo agopd 10 emoTUOVIKO avTikeipevo g Mnyovikig Metdopaong, n
omoia avnkel oto medio g Mwoowkng Teyvoroyiag. H IMwoown Teyxvoloyia
glvar éva evpl demotnuovikd medio 10 omoio cuvvovdlel Kupimg oTolyeia
YAOGGOAOYIOG Kot TANPOPOPIKNG Kol mepthapPdavel Tovg topeis g Eneéepyaciog
dvoknc INaocag (Natural Language Processing, NLP) kot thg YmoAoy1oTikng
INwoooloyiog  (Computational ~ Linguistics). Eved  vmdpyst  peydin
oAANAOETIKAALYT OVAIESH GTOVG dVO CLTOVG OPOVS KL GTO AVTIKEINEVO TOVG,
umopovpe vo movue OtL  Emegepyocia duowng [Aodocag agopd kvping to
TPOKTIKO KOUUATL TNG EPAPUOYNC TNG TEYXVOAOYING GE YAWGGIKA TPOPANLLOTO EVRD
n Yroloyiotikr] ['Awccoroyia acyoleitor kKupimg pe ™ Bewpia kot v avantuén
HOVTEADV TPOG €POPUOYN Yoo TNV emilvon Tétolov mpoPAnudtov. Xe ke
nepinton, mPOKETaL Yio. €V EVOLOPEPOV  KOL TOYVTOTO OVOTTUGCOUEVO
OVTIKEILEVO, OV OLVOVALEL OTOYKEID YAWOGOAOYING, TEYVNTNG VONUOGVHVIG,
avamTLENG AOYIGLUKOD K. 4.

Ta keipeva tétolag Oepotoroyiog mopovcstalovy W1iTEPO EVOLAPEPOV, OYL LOVO
ot  cvuvovalovv otoyein omd  TO  QUIVOUEVIKG EVTEAMDG  OLOPOPETIKG,
EMOTNUOVIKA TTEdIO TNG TANPOPOPIKNG amd TN pia Kol TG YAMGGOAOYING Kot TV
YAOGOIK®Y GTOVd®V OO TNV GAAN, 0AAG Kol €MEWN Ol TOpelc avtol &yovv
YVOPIoEL ONUOVTIKY OVATTUEN TO TEAEVTOIN Y¥POVIK KOl OOTEAOVV EVOEIEN NG
ONUOVTIKNG TPoOdov 7oV emitedeital Ta teAevTaio. ypdvie OGOV apopd Tnv
TeYVOrOYlo KO TIG EQOPUOYEG TNG o€ KABe emimedo g avBpomivng {ong. H
TEYVOLOYIKT OUTH ETAVACTOOT 0QEIlETOL GE VO KVPIwE AdyoVg — TpmTOV, OGOV
aQopad TO PLGIKO, TO VAIKO eminedo, T paydaio adENCT GTNV VTOAOYIGTIKY 1GYD
7ov etvor TAEov dtabéoiun Kot HEVTEPOV, TOV OAOEVE KOl ALEAVOUEVO OYKO TV
OedOUEVOV TTOL GLYKEVIPAOVOVTOL KOl Umopovv vo. ene&epyactovv. [pdypatt, m
ene€epyocio dedouévmv (data processing) kat ot GyeTIKEG YVAOGELS Elval oo TG
O ONUOVTIKEG KOl TEPILATNTEG, PE TOAAES YPNOUUES EQPAPUOYEG GE SLAPOPOVG
KAadovg. O KAAS0G TNG HETAPPOOTG KOl TMV EPAPUOCUEVOV YAMGCOV O€ UTopEl
Aowmdv va peivel avemmpéaotoc. H teyvoloyia £xel uéypt onuepa 16m odhaéetl tov
TPOTO TTOL SOVAELOLY Ol LETUPPACTEG, KOl UAAIGTO, GE Eva TOAD GOVTOUO YPOVIKO
dtbotnuo, pe v avartoén o mapddsrypa tov epyaieiov CAT (Computer-
assisted translation tools), kot ta onuepvé dedopéva divovv morAég evdeifelg 6Tt
N @von ¢ dovAeldg Ba ovveyioet vo aArdlel kot va emmpedletor 0G0 1
VTOAOYIGTIKY| 1OYVG OLEAVETAL KOl OGO TO VTOAOYIOTIKG HOVTEAQ YivovTal 7O



OTOTEAECLLATIKAL.

H yAowoowm teyvoroyia dev etvar évag 1dtaitepa vEOG TOUENS, EPOGOV 01 1OEEG Kt
TO. MOVTEADL GYETIKGL UE TNV EQUPHOYT] VTOAOYICTIKOV AVCE®V GE YAWOOOIKA
mpofAnpata vIapyovv €0M Kol TOAAL ypOVIML Kot giyav mpayporTomotnOet
avéloyec mpoomdBeleg MO amd T dekoetic Tov 50’ pe ™ dpovpyia TV
TPOTOV AETOLPYIKOV VTOAOYICTIKOV cuotnudtov. O topéag Ppioketal moTOGO
0TO TPOCKNAVIO UOVO TO TEAELTOIN YPOVIK, €POCOV Ol TPoHmobEéselg Yo TNV
avamtuén Tov KAAdov dpyloay va veiotavtal oyeTikd tpdseata. H avénon otnv
VTOAOYIGTIKY] 1GYD KOl TOV OYKO TV dedouéEvav Og Bao onpovay Timota edv ovtd
dg UmopovoOY Vo GUVOLOCTOOV UE €VO, LOVTEAO TPOKTIKNG EQPOPUOYNG, KOl TO
HoVTELO awTO TO TOPEXEL M emoTUN TG Mnyovikng Mdabnong (Machine
Learning), koppdtt g Teyxvntig Nonpoobvng, cvykekpipuéva pe to Boabid
Nevpovikd Aiktva (Deep Neural Networks) mov dpyloav mpdceata va
avantoocovtal. Ta diktva avtd enéTpeyav 1 avEnon Tov GYKoL TV ded0UEVEOV
va petappdletal o avENoN NG OMOTEAECUATIKOTITOS TOV EKAGTOTE GUGTNLLOTOG,.
2NV EQUPLOYT TOV LOVTEL®V QUTOV 1) GUUPOAN TOV UNYOVIK®Y Tov epydlovtal
oe etopieg ommwg 1 Google frav kaipto, kdtt wov dgv amoterel ExmAnén
dedopévov 0t M TPOSPaoT 6ToV TEPACTIO GYKO OESOUEVMV OV OALTEITOL Yol VOl
EQUPUOCTOVV AMOTEAEGLOTIKA OUTH TO LOVTEAQ EIVOL ATOKAEIGTIKO TPOVOLLO TOV
TOAVEDVIKOV TEYVOLOYIKOV YIydvtav. Ta amoteAéopata eival EVILTOGIOKE ALY
KOl TPOTOPOVH — cuykekpuéva katd ta étm 2015 — 2016 n Google Peitimoe
ONUOVTIKA TOVG OAYOPIOLOLG Yol TNV OvVOYyVOPLoT OMIAING OAAG Kot Yo TN
uetappaon péow tov Google Translate.

Me Oedouévo 0Tl M YAWGOIKN TEYVOAOYio Pploketor mAéov o€ po. @dom
TPOTOPAVOVG KAVOTOUING Kot avarTuéng, eivot Tpopaveg OTL 1 PeTdppaoT gival
HeYAANG onuociag yio v avartuén tov kKAddov. H petdepoon tov emieypévov
apBpov Exel evOLOPEPOV TPOPAVAOG KOl KOTA KOPLO AOY0 OGOV apopld Tnv
opoAoyio mov Ba ypnoipomonbel Yo TV amdd00M TV VEOV EVVOLOY, OAAA EXEL
eniong onuocio og oyéon pe to (evyog yAwoomv (Ayylkd — EAAnvikd). Eitvou
aUTOVONTO OTL 1 EMAOYN OV KAVOLV Ol PETOPPUCTEG TPOG M0 UIKPT YADGGO
omwg Tt EAAnvika dev emmpedaler povo 1o mog Oo exhafovv 1o ido TO
UETAPPUGO. Ol TEAIKOL avVOyVDGOTEG 0€ EMimed0 YAWOOIKO, 0OAAG apopd emiong
Kol TNV EMAOYN OV YiveTol 6cov apopd ta 16w To Keipeva kot tn Bgpotoroyia
TOVG, TNV TPOUYMYT| KOl TV TAPOY®YN YVOGNSG OTNV YADCGO-0T0)Y0. Me aut TV
€vvolo Ol UETOQPOOTEG €lvol EMPOPTICUEVOL HE TO £PY0 TNG EMAOYNG
GUYKEKPUEVOV £PYMOV KO TNG LETOPOPES TOVG GTO OVOYVOOTIKO Kol EPELVTTIKO
KOO, [o eTA0YN 1oL Do emnpedcel avamdpevkta o€ Ueydro Babud v eEéhén
NG EMOTNUNG OTNV EKAGTOTE YDPA, 1010iTEPA GTAV EYOVUE VO KAVOVUE UE LKPES
yAdooeg dnwg To EAAnvikd.

Yvuykekpyéva oty EAAGdo M yAwoowrn teyvoloyio dev elvar 1dwoitepa

olodedopévn Kou o€ eMmMEd0 OKAOMUOIKO OEV TPOGPEPETAL OKOUN KAVEVQ
g€edkevpévo  mpoYpaUUe  oTovd®V.  YTApYovv mpmTOPovAieg OM®G TO



Ivetitovto Eme€epyaciog Adyov (ilsp.gr), motdéco n dpactnpidotnta otn yopo
LG 6TOV Topéd avTd mopopével ToAD meptoptopévn. To emleyuévo Keipevo-
apenpia elvar Wovikd ©¢ eloaymyn oTov TOopén Y KAmowov mov Ba
EVOLIPEPOTAV YLOL TO OVTIKEIUEVO, KOl vl TPOGLTd oe drtopa pe YAMGGIKO,
UETAPPUCTIKO VITOPaOPO, GE ATOUN [IE YVDGELG TAPOPOPIKNG GALG KOl GTOVG U1
€101K00C,.

SUVOMKA, TO EVOLPEPOV OO OKAOTLOTKNG TAEVPAC, UE €vay TOUED TOXDTOTO
OVOTTUGGOUEVO KOl SIEMGTNUOVIKO, TO TPAKTIKO {TNUa TV oAAAydV 6T @OoN
NG OOVAELAG TV avOPOTOV PETOPPASTAOV, 1 CNHAGIO TNG LETAPPACTS TETOLDV
KEWEVOV GE YADOGEG-GTOYO OGS T0. EAANVIKA ®¢ Tpog TV mopaymyn Kot TNV
mpodbnon g yvdong, oAAE Ko ta mpokTkd {ntiuoato  opoloyiog kot
YEVIKOTEPO LETAPPACTIKMV TPOPANUATOV € &va TETOL0 KEIPEVO TEXVIKNG PUONG
OlkaoAoyoUV o€ UeYOAO Pabud TNV EMAOYN TOV GUYKEKPIUEVOL KELUEVOD
apetnplog.
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MACHINE TRANSLATION: A THREAT OR AN
OPPORTUNITY FOR HUMAN TRANSLATORS?

Abstract: The motivation behind any kind of development is always the wish to make a certain area
of life easier. Hence, it is not surprising that attempts have been made to eliminate the barrier which
has been a nuisance for people since time immemorial — the language barrier. Nowadays linguists
and computer scientists worldwide strive to create miniature computers that could serve as universal
translators, capable of translating between any two languages. This idea, once belonging to the realm
of dreams only, is something that Google, among others, intends to turn into a reality.

The purpose of the article is to explain the idea of machine translation (MT), present a brief outline
of its history, evaluate the progress that has been made in this field of translation studies, as well
as discuss the future of machine translation and try to answer the question whether it is likely that
human translators will one day be replaced with artificial intelligence.

Key words: machine translation (MT), Natural Language Processing (NLP), hypothesis of strong
artificial intelligence.

The history of machine translation: a brief outline

Translation is a fine and exacting art,
but there is much about it that is mechanical and routine [...]*

Although the idea of a translating machine may seem to be quite recent, the
first ideas of mechanizing translation date back to the 17" century (Hutchins 2005;
Koztowski 2002).2 However, it was not until the 20" century that they could be

1Kay, M. 1997. “The Proper Place of Men and Machines in Language Translation”, [in:] Machine
Translation 12, pp. 3-23.

ZInformation included in this section comes from Hutchins, J. 2005. “The History of Machine
Translation in a Nutshell”. Retrieved on: 10 January 2015. Available at: http://www.hutchinsweb.
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put into practice. The first inventors to apply for patents for translating machines
were Georges Artsrouni and Petr Troyanskii, the latter of whom introduced not
only the idea of an automatic bilingual dictionary, but also an Esperanto-based,
language-independent system for coding grammatical structures and conducting
the processes of analysis and synthesis. However, ideas of Troyanskii remained
unknown until the end of the 1950s.

The year 1954 saw the introduction of the system designed by IBM and
Georgetown University. Despite applying very restricted vocabulary and simple
grammar, the system aroused much public interest which led to the acquisition of
considerable funds from the US for researching machine translation. It was around
that time that machine translation became the area of worldwide interest.

The early systems employed in machine translation comprised large bilingual
dictionaries, in which every source language entry had one or more corresponding
entries and some word order rules in the target language. The general optimism
lasting for about a decade in the field of machine translation began to taper off as
more and more semantic barriers were encountered, for which no simple solutions
could be suggested. Besides, the quality of the target texts produced by the working
systems, such as Mark Il or the one from the Georgetown University, left a lot to be
desired. Consequently, the lack of progress made the US government establish the
Automatic Language Processing Advisory Committee (ALPAC) which, in its report
produced in 1966, concluded that machine translation is slower, less accurate and
more expensive than human translation and, as a result, there seems to be no pointin
further investment in MT. Instead, ALPAC proposed the development of tools which
were supposed to assist translators in their work, such as automatic dictionaries.

In the aftermath of the ALPAC report, the research in machine translation
was discontinued in the US for more than a decade, which also slowed down the
progress in this area in the Soviet Union and Europe. Nevertheless, MT research
was continued in Canada, Germany and France, the result of which was, among
others, the successful system METEO in Canada used for rendering weather reports
(developed in 1970 at the Montreal University).

In the 1960s MT research in the US and the Soviet Union was focused on
developing systems that could translate scientific and technical documents from
English into Russian and vice versa. Because these documents were addressed
to a limited number of recipients, mostly scientists, their translations were to be
communicative and as long as they could correctly convey the source text message,
it was not really important that they sounded unnatural.

Starting from the mid 1970s the demand for machine translation changed as a
result of rapid international trade. Thus, administrative and commercial demands
of multilingual communities stimulated the development of MT in Europe, Canada

me.uk/Nutshell-2005.pdf, and Koztowski, S. 2002. ,,Co to jest thumaczenie maszynowe” retieved
10 January 2015 from http://kf.mish.uw.edu.pl/kog/kog_seb.pdf.
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and Japan. There was a need to develop cost-effective machine translation systems
capable of rendering commercial and technical documentation between the main
languages used in international trade.

In the 1980s numerous MT systems were developed: SYSTRAN (performing
translation between multiple languages), LOGOS (German-Russian and English-
French), a system for internal use within the Pan American Health Organization
(Spanish-English and English-Spanish), METAL (German-English) and several systems
for the English-Japanese language pair (created by Japanese corporations). Also, the
research on some more advanced systems was continued. The predominant strategy
around that time was translating by means of language-independentrepresentation.

However, the end of the decade was an important turning point. A group
of researchers from IBM laboratories published the results of the experiments
conducted on the system called CANDIDE, which used only statistical methods.
At the same time some of the Japanese research teams started using corpus-based
methods (corpora of translation examples), initiating the so-called “example-
based” translation, as opposed to “rule-based” translation favoured before.
Significant progress in the early 1990s was achieved also thanks to research on
speech translation, including speech recognition and synthesis. Around that time
a change of focus in MT research could be observed: from purely theoretical
research to practical applications, and this trend continued throughout the 1990s.
The use of MT by large corporations has grown rapidly, particularly in the field of
software localization (adaptation of computer programs and games to the target
language recipients), the sales of MT software for personal computers has increased
substantially and MT has been offered by a growing number of online services,
thus becoming easily available for any user having an Internet access.

Nowadays, a growing demand for translation can be observed, especially in the
areas of international commerce and administration. The European Union itselfis
like a Babel Tower with 28 participating countries and so it is not surprising that
the European Commission employs 3.5 thousand translators translating documents,
legal acts, bills and other texts from and into 23 official languages of the EU.®
Together with new states entering the EU, the demand for translation is growing.

Machine translation: the devil is in the detail

As explained by Koztowski (2002:64), machine translation is an automatic
translation of a written text or speech from one language to another and constitutes
one of the most important applications of Natural Language Processing (NLP) —
a field which combines the elements of IT and linguistics.

3 Available at: http://europa.eu/about-eu/facts-figures/administration/index_pl.htm. Retrieved on:
10 January 2015.
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Large amounts of money have already been invested into the research on
machine translation, with a view to developing a system capable of rendering all
kinds of texts. However, the results achieved so far are still not satisfactory and it
is still unknown whether machines will ever be able to translate as well as humans.

The idea of a machine imitating human mind theoretically seems probable,

especially when taking into consideration the hypothesis of strong artificial
intelligence proposed by John Searle, whereby human mind is working in
complex algorithms and, therefore, it is possible to construct a machine that
could successfully perform any intellectual task that a human being can (Penrose
1996:28-38). This hypothesis implies that it is possible to build a machine that
could perform all the creative tasks, which have so far been an exclusively human
domain, such as writing poetry, creating art, or composing music. Even if one day
this hypothesis proves to be true, one question remains: would machines be able
to do all these creative tasks equally well as human beings?

Translation is a challenging and difficult task as it is a creative process and
in order to be able to perform it, one not only needs linguistic skills, but also the
general knowledge about the world and different cultures. For a machine to be
capable of translating the way human translators do, it would need to have all this
knowledge uploaded into its software. Another question arises here: is it possible
to collect all the possible facts comprising the knowledge of the world and upload
it into a machine?

As noticed by Koztowski (2002:66), it appears that the problem of translating
a text from one language into another is far too complex to be fully automated.
The range of this automatization would undoubtedly depend on the similarity of
languages and proximity of cultures — it would probably be easier to create a
machine that would effectively translate between two Indo-European languages,
rather than between two geographically and culturally distant languages (for
instance Polish and Chinese).

Due to its various imperfections, machine translation has not enjoyed much
respect and has often been a subject of ridicule. There is no shortage of examples
in which machines proved that no matter how many words their databases have,
they are still unable to translate like human beings. The frequently quoted instance
is the one in which the English sentence The spirit is willing, but the flesh is weak
(from the Gospel of Matthew) was translated by one of the first machine translators
into Russian, and then back-translated into English with the end result: The vodka

is strong, but the meat is rotten (Hutchins 1995:17). A similarly unsuccessful effect
was achieved when trying to get the machine to translate the idiomatic phrase Out
of sight, out of mind into Japanese, which the machine dutifully did, but the end
result, when translated back into English, was: Invisible idiot (Hutchins 1995:18).

These two examples, as well as all the other of the numerous instances of
machine mistranslations, illustrate the fact that, so far, machines have been unable
to recognize idiomatic phrases and they remain insensitive to various nuances in



human communication, and without these two significant skills, the output that
they produce in translation is likely to be unsuccessful in delivering the source
language message. This, in turn, precludes effective communication.

Types of machine translation

Hedden (2000) divides machine translation into the following types:

— Machine Aided Human Translation (MAHT), also known as Computer Aided
Translation (CAT) —the translation is performed by a human translator who uses
a computer system in order to precipitate the entire process. MAHT systems
provide the translator with general dictionaries, dictionaries of specialist
terminology, dictionaries of synonyms and frequently used expressions, the
functions of spellcheck and grammar check, thus allowing the translator
to focus on the more creative part of the task. Such systems are frequently
integrated with text editors. Although this type of translation belongs to the
field of machine translation, it is the human translator who is of paramount
importance here, with the actual machine serving only as an aid.

— Human Aided Machine Translation (HAMT) — the source text is modified
before, during or after being translated by the computer. For instance, a person
modifies the form of the text before translation in order to make it easier to
process by the computer, or introduces some extra information into the source
text to facilitate its further analysis performed by the computer. Types of text
translated in this way are instruction manuals, which need to be rendered into
various languages. The systems which are given an unmodified text in the
source language frequently need human assistance during translation, which
entails that the human translator removes all the semantic ambiguities. Once
the text is no longer ambiguous, such systems then prove to be very fast
and effective in translating it from the source language into multiple target
languages. However, as noticed by Koztowski (2002:68), those systems are
not very popular among the users, as the users need to mechanically answer
the questions posed by the computer and thus do not have the full control over
the end result.

— Fully Automated Machine Translation (FAMT) —the program receives a source
text and produces a target text without any human interference. Usually such an
automatically-translated target text is of a poor quality but it is still sufficient for
certain applications in which access to the information is of primary importance
and accuracy of translation recedes into the background, for example browsing
the Internet sites or reading e-mails. Nevertheless, this type of translation does
not enjoy much popularity among human translators who prefer to translate
the entire text themselves rather than correct the imperfect computer-generated
translation.
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Machine translation: how does it work?

Machine translators differ in the way they work. As can be read in Wikipedia,*
there are four main modes of operation:

— rule-based machine translators — they are fed information about the linguistics
of the two languages and hence, when performing translation, they make use
of the morphological, syntactic and semantic rules of the given languages.
The main problem related to this kind of translators is that all the exceptions
from the general rules and all the possible instances of ambiguity need to be
accounted for and fed into the source language analyzer for the program to be
able to cope. If the source text contains errors, the system is unable to translate
it unless these errors were also entered into the analyzer. Since such translators
remain insensitive to linguistic and contextual nuances, they will encounter
problems translating homonyms, for instance the Polish word zamek which,
depending on the context, may be translated into English as castle, lock or zip;

— transfer-based machine translators — they create a translation from an
intermediate representation which stimulates the meaning of the original
sentence;

— statistical machine translators — translations are generated on the basis
of statistical methods making use of bilingual text corpora (for instance
EUROPARL — the record of the European Parliament). However, such corpora
are still rare in some fields and for some language pairs. One of the companies
to use this type of systems is Google, which, having previously used rule-
based systems, switched to statistical translation method in 2007. Google
Translate and other similar systems compare and detect patterns in millions
of documents which have previously been translated by humans and make
intelligent guesses based on the findings. They also calculate how often certain
words occur together in a given language. The statistical method solves the
problem of ambiguity: if the Polish word zamek occurs close to any form of the
verb mieszkac, then it has to be translated into English as castle, and if zamek
occurs next to the word naprawiaé, then its English equivalent would be lock.
The quality of translation performed by such systems improves together with
the increased number of human-translated documents in a particular language.
Thus, those systems are largely dependent on the availability of parallel texts;

— example-based machine translators — the corpus used contains texts that have
already beentranslated. In order to translate a given sentence, the system selects
sentences with similar components from this corpus. These similar sentences
are then used to translate the components of the original sentence and then put
together to form a complete sentence in the target language.

It seems that statistical machine translators have been most successful so far.

However, they are surely not free from imperfections — they rely heavily on the

4 Availavle at: http://en.wikipedia.org/wiki/Machine_translation. Retrieved on: 18 January 2015.
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information from their databases but, so far, this information cannot be adjusted to
the specific character of the text at hand and such a customization is necessary in
order to produce an effective, good-quality translation. As observed by Osmatek
(2014),> machines are, as yet, unable to recognize linguistic nuances and in a
situation when a human translator easily finds a synonym appropriate to the given
context, the machine simply translates the word. While machines often produce
target texts of an acceptable accuracy level, such texts will always lack the “human
factor”, which is indispensable in certain text types, for instance advertisements.
Therefore, it seems that whenever the only purpose of the text is to convey general
information, machine translation will do. But when the source text has an aesthetic
value and/or is supposed to make a certain effect on the reader or persuade the
reader to do something, employing an experienced human translator seems to be
necessary, as only a human translator is able to ensure that the translated text still
fulfils all the functions of the source text.

Google Translate: becoming better and better

As stated in Wikipedia, Google Translate is a translation service created by
Google Inc., able to provide an instant translation of a word, phrase, fragment of a
text or an entire website from and into 90 languages.® The languages supported by
the service range from the fairly common ones like English, German or Spanish, to
such “exotic” ones like Uzbek, Sesotho or Sinhala. In 2013 the company stated that
its translator served 200 million people daily. However, users of Google Translate
do not always need to manually enter a piece of text; as observed by Schultz
(2013),"a confusing Japanese sign only has to be photographed with a smartphone
for the Google application to automatically recognize the text in the image and
provide its translation. Nowadays users only need to point their camera at a sign or
text to see the translated text overlaid the screen. A recently added feature, as stated
in the Daily Mail 2 is a conversation mode to translate speech in real time, which
means that the application is now able to recognize speech in various languages. In
practice this entails that as the users speak to the application, a written translation
appears on the screen.

As already mentioned, Google Translate is based on statistical analysis — the
system depends on the corpus of equivalent words and expressions in the source

® Information retrieved on: 9 January 2015. Available at: http://blog.supertresc.pl/dlaczego-
tlumaczenia-maszynowe-sa-nieprzydatne#.\VVqDSt1K2on.

¢ Available at: http://en.wikipedia.org/wiki/Google_Translate. Retrieved on: 19 January 2015.

" Available at: http://www.spiegel.de/international/europe/google-translate-has-ambitious-goals-
for-machine-translation-a-921646.html. Retrieved on: 9 January 2015.

8 Available at: http://www.dailymail.co.uk/sciencetech/article-2908490/Google-Translate-app-
adds-conversation-mode-translate-SPEECH-real-time.html. Retrieved on: 19 January 2015.
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and target languages and the relevant data are selected from this huge database by
means of statistical models. However, as already stated, until 2007 Google was
using rule-based models but it soon turned out that rules are too inflexible and
frequently prove too much for the computer to handle. For this reason, Google
switched to statistical models, whereby algorithms search through huge amounts
of information, gather relevant data and learn at the same time. For instance, when
the program is required to translate a sentence from one language into another,
what it does is search for matching phrases which already exist and, based on these
findings, works out how best to compose the target sentence. For some languages
and texts this proves to work quite well; the problem might be with some less
known languages. Because the accuracy of Google translation largely dependson
the size of the database between the source and the target language, this accuracy
may suffer when translating between some more “exotic” languages in which there
are not many texts available. Also, such machine translations are likely to be more
accurate when translating between structurally similar languages, i.e. the ones
which have similar grammar and word structure. As stated by Franz Josef Och,
the former head of machine translation in Google, the combination of English
and Spanish works very well, but translating between English and Japanese is not
nearly as effective.®

But even if Google translates between fairly common, structurally similar
languages, there are still certain elements that it cannot cope with, for instance text
ambiguity, and although it is able to produce a comprehensible translation, it will
not be considered successful as all the elements comprising the text’s aesthetics
will simply be lost in translation.

An important aspect of Google Translate is that it constantly updates its
databases thanks to the users’ feedback, adding new words, phrases and expressions,
particularly technical ones. Nevertheless, despite constantly becoming better and
better and being able to produce a translation within seconds, it is still human
translators who have the upper hand in the field of translation, especially when
the text to be translated fulfils functions other than only the communicative one.

The future of machine translation

However, Google Translate is not the only project aimed at making fast
translations available to everyone. In fact, it faces growing competition from
other corporations. For instance, Facebook already acquired a company which
developed a system for automated translation and the social network intends to use

® Schultz, 2013. “Translate This: Google’s Quest to End a Language Barrier”. Retrieved on: 9
January 2015. Available at: from http://www.spiegel.de/international/europe/google-translate-has-
ambitious-goals-for-machine-translation-a-921646.html.
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the system to facilitate communication among its users who come from more than
200 countries and are more than a billion in number.1° Also the European Union
has designed its own free of charge system for automated translation - MT@EC,!
which has been developed for translating EU-related texts. It is also predicted that
due to budget cuts, the EU will need to eliminate about 10 percent of its human
translators in the foreseeable future (Schultz 2013).

Yet another corporation to launch an automatic translation system was
Microsoft. It developed a program which is not only capable of instant translation,
but it also recognizes speech and can translate spoken utterances simultaneously
as the person is speaking. A truly innovative feature offered by this system is
that it is able to provide a translation not in a machine-like monotone, but in the
speaker’s own voice assembled from the previously recorded speech samples,
as demonstrated in 2013 by Rick Rashid, the head of Microsoft Research, at a
conference in China. As he was speaking in English, the computer was translating
his words simultaneously into Mandarin and delivering the translated text in
Rashid’s own voice (Schultz 2013).

Taking all these successful projects into account, as well as the continuous
research and innovations in the field of machine translation, it is not surprising
that human translators may worry about their job security. After all, machines
outdo humans in at least two aspects as regards translation: they can do it much
faster and much cheaper, and these two factors are particularly desirable nowadays,
when saving time and cutting costs are priorities for most companies. Therefore,
some translators fear that too much progress in the field of machine translation will
eventually threaten their positions.

So far, however, machine translations have far too many shortcomings to be
beneficial in all spheres of life. The output produced by Google Translate and
similar systems will suffice only for limited purposes —to find out about the general
meaning of the source text message. Nonetheless, creativity and intellect typical of
human beings are indispensable elements of translation and, as yet, no software is
able to imitate them. It remains to be seen whether machines will one day emulate
the human brain so closely that human translators will become redundant altogether.

In the meantime, however, machine translators should be treated as translation
aids, where the human translator adopts the role of a post-editor. This means
that, instead of translating a text from scratch, the translator checks, proofreads
and revises the translation already performed by a machine.? One considerable
advantage of such a “cooperation” is that it increases the translator’s productivity.
Obviously, such a “machine and human” translation cannot be effectively applied

0 Data as of the year 2013, according to Schultz, T. “Translate This: Google’s Quest to End a
Language Barrier”. Retrieved on: 9 January 2015. Available at: http://www.spiegel.de/international/
europe/google-translate-has-ambitious-goals-for-machine-translation-a-921646.html.

“Available at: https://webgate.ec.europa.eu/fpfis/mwikis/thinktank/index.php/MT@EC.

2Retrieved on: 21 January 2015 from http://www.amtaweb.org/mt-for-translators/.
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to all text types, but it proves to work well with more formal, organized and
structured texts with repetitive patterns and predictable use of terminology, for
instance: contracts, annual corporate reports, software documentation, product
manuals, to name but a few.3

Therefore, it seems that the fears of human translators of being one day
replaced with machines are so far unfounded. Nevertheless, it seems inevitable
that the role of the translator will change in the future. As machine translators
are becoming more and more advanced, human translators might no longer be
“proper” translators but rather “editors”, correcting the texts previously translated
by machines.
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MHXANIKH META®PAXH: MIA AIIEIAH 'H
EYKAIPIA I'TA TOYX ANOPQIIOYX
META®PAXTEX;

Hepiiqyn: H embopia va Behtimbei éva ovykekppévo koppdtt g {omg givar to kivitpo micom and kabe
gidovg pdodo. Agv givar Lowmdv mapdéevo to OTL EQovv yivel Tpocmddeieg Yo v e€dAenyn TOv EUmOdiov Tov
avtipetonilouy ot avBpomor omd MAVIOTE - TO EUMOSIO TNG YADGGHS. ZNHEPA Ol YAMGOOAHYOL KOl Ol
EMOTNHOVES NAEKTPOVIKAV VTOAOYIGTMV OVA TOV KOGHO TPOSTAoHV VoL SNULOVPYHGOVV HOVTELD DVTOAOYIGTAOV
mov Ba Agrtovpyodv m¢ kaboluol petappactés kot Ba sivar tkavd va petappdlovv peta&d omoiwvdnmote dVo
YAOGOOV. Avth 1 W€a, TOL KATOTE aviKke 0T Geaipa TG eavtaciag Lovo, eivar katt mov . Google, petadd
ALV, TpocTabel Vo LETOTPEYEL GE TPAYLATIKOTNTOL.

210 GpBpo avtd Ba e&nynoovpe Vv Wéa g pnyavikng petdepacng (Machine Translation - MT), 6a
TOPOVGIAGOVLE GUVTOMA TNV 1oTopia TG, Oo a&loAoyncovpe TV TPGOdo ToV £xel onpelbel oTov Topéd oVTO
TOV UETAPPACTIKOV oToLddV Kot B dtepevvioovpe T PEAAOV TNG HNYOVIKNG HETAPPOONG OAAL KOl TO
epAOTNHO TOV Katd TOGo eivor mOavO OTL kémow pépo 1 TeYYNTN vonuooHvn o aVIIKOTAGTACEL TOVG
HETAPPOCTES.

AéEerg kKhedra: unyoavikn petdepaon, Enegepyasio Gvownig I'Adocag,
VOOEST 1GYVPNG TEYVNTIG VONHOGUVIC.

H wotopio TG pnyovikng HETAQPAoNS: pLo GOVTONT| TEPiIAnYN

H petdopaon eivar pia diaitepn Kot
QTOULTNTIKT TEXVT, OALG TEPIEYEL TOALA Ny avikG oTotyEln, cTo el
emavolappavopeval...]1
TTopdtt N 10€0 oG PETOPPACTIKAG UNYOVIG Hmopel va eavtalel apketd mpdoparn, ot
TPOTEG 1OEEG YO TN UNYOVOTOINGN TNG HETAPPACTG Y POVOLOYOUVTOL amtd Tov 170 aidva
(Hutchins 2005; Koztowski 2002).2 Q6t660, 00VTEC UTOPESAV VO EPOPUOGTOVV HOALS GTOV
200 oawwva. Or Tp®TOL EPELPETEG TOV VIEPAANY OUiTNON YO VO TOTEVIAPOVY UNYOVES
petdppaong frav ot Georges Artsrouni kou Petr Troyanskii. O teAevtaiog eionyoye oyt

1 Kay’ M . 1997 “The Proper Place of Men and Machines in Language Translation”, [in:] Machlne
Translation 12, pp. 3-23.
20w TAnpogopieg tng evotntog avthg Exovv aviindel and: Hutchins, J. 2005, “The History of Machine

Translation in a Nutshell”. Avaxménke otig: 10 Iavovapiov 2015. Awbéoyio ot oehida: http://www.hutchinsweb.
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povo v 1€ evog anTOHOTOL diyAwooov AeEkod, aAld kot éva chotnpo ove&dptnto
and YAdooao kot faciopévo oty Ecmepdvto yio v Kodikoroinon YpuppaTiKdv Sopumy
Kot v deEaymyn tov dwdikacidv aviilvonsg kot cuvheong. Qotdco, ot 1éeg Tov
Troyanskii mapépewvav dyvooteg péypt to téhog g dekaetiog Tov 1950.

To 1954 epgpavifetoan éva ovotuo mov avamtoydnke amd v IBM kot 10
Havemomuo g TCoptlraovv. [apdtt ypnoiponolovce Tohd meploptopévo AeEAdYL0
KO OTAN YPOLLLLOLTIKT, TO GOOTNIO TPOKAAESE LEYAAO EVOLOPEPOV, KOL ALTO 0ONYNCE OTN|
ouwbeon onuoviikdv kepaiaiov ond Tt HITA vy épsuva mave ot pnyoviky
petdopaon. Exetvn v meplodo M Unyoviky HETAPPUGCT) EYIVE AVTIKEIIEVO TOYKOGUIOV
EVOLUPEPOVTOG,.

Ta TpdTO CLOTNUATO UNYOVIKNG HETAPPACTG XPNOLOTOIOVGOV HEYGAN diyAwcoa
Ag&icd, ota omola kGOe Kotoydpnom TG YADOCCAS-TNYN OVIIOTOWYOVoE GE M 1
TEPIOGOTEPEG KATAYMPNOEIG KOl KATOIOVG KOVOVEG GYETIKA LE TN GEPA TOV ALEEMV 0T
YAOoca-0tox0. H yevikn aiclodoio mov kpdtnoe yio mepinov pio dekaetio GTov Topéa
™G INYXOVIKNG LETAPPACTS Gpyloe va KataAaytdlel kabdg Tapovstafoviay oloéva Kot
TEPLOGOTEPO. CNUAGLOAOYIKE EUTOIN, Y10 To 0Ttoinl dev VINPYOV aTAég Aboels. Emumiéov,
N TOWOTNTO TOV TEAKOV KEWEVMOV OV Tapdyovioy amd cvotiuate énwg to Mark 11 7
avtd tov [Mavemotnuiov g Toptltaovv frav apketd eAMTNG. ZUVen®dg, 1 EAAEYM
poddov odynoe v kvPépvnon tewv HITA va dnuiovpynoet ™ ZvpuBovigvtikng
Emrpony yu v Avtoparn Ene€epyocia T'hdooac (Automatic Language Processing
Advisory Committee, ALPAC) 1 onoia, ot ékBeon mov dnpoocicvce 10 1966, katéinée
GTO GUUTEPOAGHO OTL 1] UNYOVIK HETAQpacn gival mo apyn, Ayodtepo opbn kat mio
axpPn omd v avOpdTIVY HETAPPACT KoL, KATG GUVETELN, OV VITAPYEL AOYOG VoL Yivel
mEPALTEP® €MEVOLOT o€ aVT. AvT avtov, N emtponty ALPAC mpdtewve v avamtuén
gpyareiov mov Bo Ponbodoav TOVE PETOEPACTEC GTO £PYO TOVG, OMMG TO GVTOUOTO
Ae&kd.

Metd v ékbeon g ALPAC, n épeuva 6TOV TOHER TNG UNYXOVIKNG LETAPPOONS
dtexomn otig HITA yio meprocdtepo omd o dexoetio, mpdypo mov emPpdadvve Tnv
mpododo tov topéa kot ot Zofetikn ‘Evoon kot v Evpoan. [Mapdia avtd, 1 épevva
ovveyiotke otov Koavadd, ) [eppovia kot ) ToAlia, pe armotéreopa, petald dAlmv,
1o emrvyég ovomnuae METEO otov Kavadd mov ypnoylomomBnke yio tnv onpovpyia
deltiov kapov (avantoybnke to 1970 oto [Mavemotio tov Movipeod).

Katd ™ dexaetio tov 1960, n £épguva Tdve ot pnyovikn petdopaon otig HITA kot
m ZoPetikn ‘Evoon emkevipdbnke otnv avartuén cuetnudtov mov 6o pmopovcov vo
HETOPPACOVY EMGTNUOVIKA KOl TEXVIKG Keipevo omd kol mpog to. AyyAkd Kot To
Poowad. Emedn 1o éyypaea avtd omguBdvoviav ce meploptopévo aplfpd amodektdv,
KUPlOG EMOTNUOVOV, 0 GKOTOC TOV UETAPPAGEDV TOVS NTAV EXKOIVOVIOKOS KOl EPOGOV
HETESDOY COGTA TO UIVULLO TOL TPOTOTOHTOV KEWEVOD, OV AMOTEAOVGE TPOPANLA TO OTL
OKOVYOVTOV 0QpUCTKAL.

Am6 ta péoa g dekaetiag tov 1970, n {ntnon yuo pnyavikny HETaepact dArLaEE wg
amoTéAecpo. TOv  evtevopevoy debvoidg eumopiov. Emopéveg, ot dtotkntikég kot
EUMOPIKEG OTOALTNOELS TV TOADYAMGG®Y KOWOTHT®V Bondnce v aviamtuén g
Unxovikng petappaocng oty Evponn, tov Kavadd kot v larovia. Yanpye n avaykn
va. ovorTLY0o0V O1KOVOUIK®OG ATOd0TIKE GUOTHUATO LE TN SLUVOTATNTA OTOO0oNG

me.uk/Nutshell-2005.pdf, and Koztowski, S. 2002. ,,Co to jest thumaczenie maszynowe” avoxtfidnke otig 10
Iavovapiov 2015 and http://kf.mish.uw.edu.pl/kog/kog_seb.pdf.
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EUTOPIKAV KO TEYVIKDOV EYYPAPOV AVALESH GTIC KOPLEG YADCGES TOV YPTCUYLOTOOHVTOV
670 01ebVvEg epmodplo.

Katd 1t Oekoetic Tov 1980 ovamtdybnkav opKeETO GLUGTAUOTO  UNYOVIKNG
petdopaong: to SYSTRAN (uetdopaon peta&d moAlamidv yAwoomv), to LOGOS
(Teppovikd-Poowd kot AyyAkd-I'odhkd), éva cOOTNLO Y0 ECOTEPIKY YPNOT ATO TNV
Pan American Health Organization (Iomovikd-AyyAkd kot Ayyiwd-lomavikd), to
ovotuo METAL (Ieppavikd-Ayyhkd) kot apketd cuotipato yio 10 {g0yog YAOGo®mY
Ayyhka-Tonovikd (dnpovpynnkav and lamovikég etapieg).Emiong, cvveyiomxe n
épevva TAvVe o€ KAmowo o mponypéva cvotipata. H xuplapyn otpatnyikn ekeivn v
EMOYN MTAV 1] LETAPPOCT) HECH U] YAOOGIKAOV GUUBOA®V.

Q61600, T0 TEAOG TG dEKOETIOG OMOTELEGE ONUOVTIKO onueio kapmc. Mio opdda
gpevvitdv and ta epyactipla e IBM dnpocicvce ta oanoteAéopata TEPIUATOV TOL
mpoypatonomdnkay pe 1o ovotua CANDIDE, to omoio ypnoyomoince pévo
otoToTikég peBddove. Tnyv 010 oTiypn], KATOEG OO TIG €PELVNTIKEG OMAdEG OTNV
lamwvia dpyicav vo xpnoiorolovy nebodoovg PocIoUEVES 08 COUOTO KEWEVMV (COUAT
KEWEVOV e TOPOJEYLOTO ULETOQPACE®Y), €l0AyovVTag 1Tn HeTAepoact «Pdoet
napaderypdtovy o avtifeon pe ™ petdepoon «Pacel KavOvovy Tov TPOTYIOTAV
TPONYOVUEVDG. XT1S apyég Tov 1990 emitevybnke emiong onuavtikn Tpdodog xapn oty
épevva IOV OTN HETAPPUCT OMAOG, CLUTEPAAUPOVOLEVING TNG OvVAYVOPLONG Kot
ovvbeong opkiag. Exelvn v mepiodo Ba pmopovoe vo mapotnpndel pio aAloyn
€0TIOGNG OTNV €PEVVOL GYETIKG LE TN UNXAVIKY HETAPpact and Kobopd Oswpntiky
£PEVVO TTPOG TPOKTIKES EPAPLOYES, Lo TAoT oL dotnpnOnke kad OAn T dekoetio TOL
1990. H ypnion g unxovikng petdopaons amd peydieg etalpeie et avéndei paydaia,
WOTéP®E O0TOV  TOMEN NG TOMIKNG TPOCAPUOYNG (TPOGOPUOY TPOYPAUUAT®V
VTOAOYIOTH] KOl TOVIOIOV Yo KOTOVOAWOTEG OTn YA®Ooo-0tox0). Ot ToANcelg
AOYICHIKOD UNYOVIKNG HETAPPACNG YO TPOCOTIKOVS VTOAOYIOTEG £xovv  ovénBel
ONUOVTIKE, EVD VANPECIEG UNYOVIKAG LETAPPAONS TPOSPEPOVTOL OO EVOV OLEAVOLEVO
apBpd SSIKTLAKMV VANPESLDOV, Kot givat £Tol gukoia dtabécipeg Yo Kabe ypiot pe
mpocPaom oto SludikTvo.

Yfuepa mapatnpeitar po avavopevn {Nmon yo Hetdepaon, £WOIKOTEPO GTOVG
Topeig Tov deBvovg gumopiov kot g dtoiknong. H ida n Evponaixni Evoon sival cav
ITopyoc g BaPéhr, pe 28 ydpeg kpd-pén. Aev amoteAel EkmAnén to yeyovog OtL M)
Evponaikn Enttpont| anacyoiel 3,5 x1A140ec LETOQPAGTES Yo TN LETAPPACT] EYYPAOP®V,
VOUIKGOV TPAEEDMV, VOLOOYESIOV Kol GAADV KEWEVOVY amd Kol Tpog Tig 23 emionpeg

yAdooeg g EE. 3 Me ta véa Kkpat mov eleépyovion otV EE, n {lmnon yo petdppoon
avdvetat.

Mnyoavikn petdepacn: o S1aforog KpOPETUL 6TIG AETTOPEPELES

Onwg eényel o Koztowski (2002:64), n punyoavikn Hetdepacn €ivor pio autopotn
HETAPPAOT EVOG YPOTTTOD KEWEVOL 1 AGYOVL O L0 YADCOO GE Hidl GAAN Kol amoTelel
poe omd TG onpovTikotepeg e@appoyég g Puokng Enelepyaciog [Adocog - eviog
Topéa oL cLVILALEL otoygeio TIAnpogopuchc kar 'Awocoloyiag.

 Awbéorpo ot oehida: http://europa.eu/about-eu/facts-figures/administration/index_pl.htm.
Avaktibnke otig: 10 Iavovopiov 2015
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"Hon £€yovv emevovbel peydho mocd yioo TNV €pevva TAV® GTN UNYOVIKY HETAPPACT), LE
OKOTO TNV avAmtuén evog cuotioTog mov Bo pmopel va mapdyst kébe eidovg Keipevo.
Qo1600, To OmoTEAECHOTO PEYPL OTIYPNG dgv givarl tKavomomTikd kot eivor akdpa
AyvooTo €4v ot pnyavég o LmopEcovy TOTE VO, LETOPPAGOVY TOGO KaAG 660 ot dvBpmmot.
H pipnon evog avBpodmivov pooiod amd po pnyovn eivor Beopnricd mibavn, dwd av
AdPovpe vdyn 1t Bswpila TS WOYLPNG TEYVNTIG VONUOGLVNG TOL TTPoTddnke amd TOV
John Searle. Xoppova pe avt, 10 avOpdTIVO HLOAO Aeltovpyel HE TOADTAOKOVG
aly6p1Bpovg Kat, Kat” emEKTOoT, eival SuvaTy N KATAGKELT LG Unyovig mov o pmopet
VO EKTEAEGEL OTTOLONTTOTE TVEVHLATIKNY pyacio pumopel va ektedécel o avBpomog (Penrose
1996:28-38). Ao v vobeon ovt cuvdyetor 0Tt givarl TOAVO VO, KOUTAGKEVOGTEL [ial
pnyovi) Tov Bo uropel va ekTEAEGEL OAEG TIG ONUIOVPYIKEG EPYOGIES, Ol OTTOIEG ATOTEAOVV
HEYPL OTIYUNG ATOKAEIOTIKA avOpdTvn evacyoinon, 0nmg 1 dnpovpyio moinong, t€xvng
N M ovvbeon PovoIkhg. AkOun Kot av kdmote 1 vTdbeorn avt amodelydel TPAYLOTIKY, TO
gpdUo. Topopével: Bo eivor ot pnyavég oe 0éom vo eKTEAECOUV OAEG QVTEC TIG
dpovpykég epyacies o 1310 KaAd e Tovg avOpdTOLC;

H petdopaon eivar éva amortntikd kot dvokoro €pyo, dedopévov OTL givar pia
dnpovpyk) dSadkacio Kot TPoKeWEVoL va gival oe 0€om KATO0G Vo LETAPPACEL
yperdletatl oyl LOVo YA®OOKEG Oe&10TNTES, OALG KOl YEVIKEC YVDGELS Y10, TOV KOGHO KO
TOVG SLOPOPETIKOVG TOMTIGHOVG. [0 vor LTopETEt pia Py ovi vo LETAPPACEL e TOV 1510
Tpomo OGS ot AvBpwmot, Ba Tpémel va poptmbel OAN avTH M YVAOGT 6TO AOYIGLKO TNG.
Edd tifetar éva dAlo epdtnua: eivar dvvatdv vo cuykevipmbBovv Olo ta mbavd
YEYOVOTO TOV OTOTELOVV T1| YVAGCT] Y10 TOV KOGHO Kol VoL popT@Bodv o i pnyovn;

Onwg tapotnpei o Koztowski (2002:66), eaivetal 6Tt To TpoPANLLO TG HETAPPOONG
eVOG KeWEVoy amd o yAdooo o€ o OAAn givar vrepPforikd obvheto Yoo va
avtopatonombel minpog. H eufélein g avtopatomoinong avtig avapeifoio 6o
e&optnei omd TV OpoIdTNTA TOV YA®GOMV Kot TNV YEITVIACT TOV ToMTIoUOV. Oa fTav
mlavototo  evkoAdtepo  va  dnuovpynfel  pe  pmxavny mwov  Bo  petappdlet
amoTeEAESLATIKA HETAED dV0 [vdogupomaikdv YAOGSHVY, Tapd HeTald dV0 Ye®YPAPLK
KO TOMTIGUIKG ATOLOKPUGUEVOY YADGO®V (Yo Ttopddetypo ITodmvikd kot Kivélika).

AOY® TOV J1AQPOPMOV UTEAEIDV TG, 1| UNYXOVIKT HETAPpacT dev avtipuetomileTol pe
moAD oefacpd Kot yivetar ovyvd oviikeipevo yeiotomoinong. Ymdépyovv TOAAG
napadeiypata 6mov anodeiydnke 6Tl ot unyovég, aveEoptitog Tov aplfpod Tov AéEemv
oT1 Paoelg dedopévmv Toug, dev givar o BEon va petappicovy 6nmg ot avBpwnot. ‘Eva
TOPASEY LA TTOV OvVaPEPETAL GLYVE ivan 1 ayyAkr| Tpotaot The spirit is willing, but the
flesh is weak (amd 10 xotd Motbaiov Evayyého) mov petagpdotnke omd évo, amd ta
TPOTO. GLOTNUOTO PUNYOVIKAG HETAPPOOTG 0T0 Poowd kot petd micom ota AyyAd,
divovtog to amotékeopa: The vodka is strong, but the meat is rotten (Hutchins
1995:17).0poiwg, wio GAAN avemtoyng mpoomdfeto Eyve yuo TN UETAPPOCT OTO TN
unavn e Wiopatikig epaocng Out of sight, out of mind oto lamwvikd, aAld dtav to
UETAQPOOLO, LETAPPACTNKE Kal TIAL oTar AyyAikd To TeAkd anotédeopa Nav: Invisible
idiot (Hutchins 1995:18). Avtd ta 800 mopadeiypoto, Kabmdc kot GAAec moAlvdapBuec
TEPMTOGES A0ODV 0T PNXavIKny HeTAppacn vroypoupilovy to yeyovog 0T, uéxpt
OTLYUNG, Ol UNYOVEG OV UTOPOVV VO avVaYVOPICOUV TIG IOIOUATIKEG EKPPACELS 0VTE TIG
VONUOTIKEG OTOYPMOCELS
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otV avBpdnivn entkovavia. Xmpig avtég Tig 000 onUavTiKég OeEOTNTEG, TO LETAQPOCHLO.
mov mopdyovy Ba eivar mBovoTaTo OVEMITLYEG OTNV OMOJ0GN TOL UNVOUOTOS TOL
TPOTOTLTOL KEWEVOL. Kat” emékTact, 1) OTOTELEGUATIKY ETKOWV®VIO AmoKAElETAL.
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Koatnyopieg pnyoavikic petdopaong

O Hedden (2000) dtotpei T punyaviki HETAPPOOT) OTIS TAPAKAT® KOTIYOPIES:
Metdopaon pe punxavikn vrootpién (Machine Aided Human Translation - MAHT
1 Computer Aided Translation - CAT) - n petdopoon TpoyHatorolEitol and Evav
GvOp®TO PETAPPOOTN 7OV YPNOOTOlEL €vav MAEKTPOVIKO VTOAOYIGTH Yo, Vo
emonevoel v OAn dndwacio. Ta cvotiuota CAT mopéyovv 610 LETAPPACTN
yvevikd Aefikd, Aefikd  €OwNG  oporoylag, Aekd ouveOVOpOV Kol Guyva
YPNOYOTOIOVUEVDV EKPPACEDV, TIG AEITOVPYieg 0pBOoYPaPIKoD ELEYYOL Kot EAEYYOV
YPOUUOTIKNG, EMTPEMOVTAG TOV £TGL VO, EXIKEVTP®OEL GTO O SNUIOVPYIKO KOUUATL
™m¢g owdkacioc. Avtd Ta ovoTHUOTA  &ivol oUYVE EVOOUOTOUEVO  GTOVG
enekepynotég keyévov. Iapd to yeyovog 6Tt avtod Tov €100V 1) LETAPPACT] OVAKEL
0T0 TESI0 TNG UNYOVIKNG HETAPPOONG, O ovOp®dIIVOG UHETOQPAoTAS &ival
TPOTAPYIKNG OTLOCiog Kot 1 unyavi] e&umnpetel povo og fonnpa.

Mnyavikny petdopacn pe avOpodmvn vroompién (HAMT - Human Aided Machine
Translation)- to xeipevo mmyf tTpomomoteiton mpv, Kot TN OlGpKel 1| HETA ™
petdopaocn and tov vrmoroyloth. o mopddeypa, évag avOpmmog Tpomomolel T
HOPON TOV KEWEVOL TPV T UETAPPOCT MOTE VAL KAVEL EVKOAITEPT| TNV EMEEEPYATTOL
OO TOV VIOAOYIOTH N EL0AYEL KATOIEG EMTALOV TANPOPOPIES OTO KeEiEVO TNy BOTE
v OlELKOADVEL TNV TEPAULTEP® OVOAVGT TOL Omd Tov vmoloywoth. 'Evo €idog
KEWEVOV TOV HETAPPALOVTOL e AVTO TOV TPOTO gival Ta EYYEPISIO XPHONGC, TO OTTOia
mpéneL va omodofovv og ddpopes yYAmwooes. Ta cvotinuata ota omoia divetat éva Ui
ene&epyacpévo Keipevo ot yAdooa-tnyn xpetalovol ocvyvd avOpdmivn Topéufoon
Katd ™ S1dpKEL TG HETAPPACTG, OTTOL 0 GVOP®TOG LETAPPUOTNG EMAVEL OAEG TIC
ONUOCOAOYIKEG Oodpeteg. Otav 1o Keipevo dev mepéyel TAEOV AGAQPELES, Ta
GLOTAHOTO ALTA EVOL TOAD YPYOPO KOU OTOTEAEGUATIKO GTN HLETAPPACY OO TNV
YAOGGO-TNYY 0 TOAAEG YAMGGEG-0T0Y0. Q0T1060, Omw¢ mopotpsl o Koztowski
(2002:68), To. cvoTHHATO OVTO OEV TPOTILOVVTAL GO TOVG YPNOTEG, OOTL QVTOL
KOAOUVTOL VO OTOVTIICOVY UIYOVIKA TIG EPOTNOELS TOL TiBevTal amd ToV VTOAOYIGTH
Kol €161 6ev EAEYYOVV TANPOG TO TEMKO OTOTEAEGLLOL.

Mpog avtopat punyaviky petdepacn (Fully Automated Machine Translation -
FAMT) - 10 mpdypappa AapBavet £va Keipevo Tyn Kot Tapdysl Vo Keipevo atdyo
xopic xapio avBpomvn mapéupacn. Zovnbwog, €va TETOO Keipgevo mov  Exel
petappactel ovtOpaTa  €ivol KOKNG TOWOTNTOG OAAGL EMAPKEG Yol OPIOUEVES
EPapPLOYEG OOV M TPOSPaoN o€ TANPOPOpieg ival onuavTiKdTEPN Ko 1 okpifetla
G ULETAPPACTG OEVTEPELOVCAG CNUAGING, OTMG YO TOPASELYILOL 1| TEPMYNON OTO
AdiKTVO ) M AVAYVOGCT UINVOUATOV NAEKTPOVIKOD Tayvdpoueiov. Qotd60, ovtd T0
€100g NG HETAPPOONG OEV TPOTIUATOL OO TOVG UETOPPOUCTEG TOV TPOTYHOVV Vo
petappalovv ot idtot oAdKANpo TO Keipevo avii va dopbdvovv TNV ateAn
UETAPPOON oV VTOAOYIOTH.



Mnyoviki Metadopaon: Ilag Aettovpyet;

Ta cvoTiHaTo PNYAVIKAG LETAPPAONS SPEPOVY GTOV TPOTO Agttovpyiag Tovg. Ommg
umopel kaveig vo dopaoetl oty Wikipedia,4 VIGPYOVV TEGOEPIS Pacikol TPOTOL
Aettovpyiog:

— Mnyavikoi petappaotég mov  Poocilovior oe kovoveg (Rule-based machine
translators) - ypnowonoiobv nAnpopopicg YAmocoroyikod yopaktipo yi Tig 300
YAOOGCES Kol €T6L  KAVOLV  ypNoN  TOV  HOPQOAOYIK®V, GUVTOKTIKOV Kot
ONUOGIOAOYIK®Y KOVOVEOV TOvg Katd i petdepacn. To kdpo mpofAnpa mov
TPOKVTTEL LE OLTOV TOL €Id0VG TOVG HeTaPPACTES elvar OTL Tpénel va AneBoldv
VIOYN Kol v glofodv 6TOV aVOALT TG YADOGCAS-TNYN OAEG Ol eEUpECELS TMV
YEVIKOV KOVOVOV Kot OAEG ol MOAVEC TEPWTTMOEL; ACAPENS, MOTE v gival TO
npoypappe og 0éon va T aviipetoniost. Av 1o keipevo mnyn mepiéyxel Aadn, to
GVOTNHO OEV UTOPEL VO TO PETOPPACEL EKTOG OV ToL AGON awTd Exovv GupumepIAnEOel
GTIS TANPOPOPIEG TTOV OIVOVTOL GTOV aVOALTH. AESOUEVOD OTL OVTOL Ol LETOPPAOTES
dgv avTIAOUPAVOVTOL TIG OTOYPMGEI OTO YAMOGIKO €MinEd0 Kol TO €MINESO TV
copppalopévayv, Ba aviyeT@nicovy TPoPARHATA GTN UETAPPACT] OU®VOU®OVY, Yi0.
napdderypo v molmvikn AEEN zamek 1 omoio, avdAioya pe To cvpepalodueva,
pmopel va petappaoctel ota AyyAkd g castle, lock 1 zip.

— Mnyavicoi petappaoctég  petagopdg (Transfer-based machine translators) -
TOAPAYOUV 0L LETAQPACT) OmO L0 EVOLAUEST AVTIITPOCMNEVGT] TOL VONLOTOG TNG
apyKNG TPOTAGNG.

— Xrotwotikoi  unyovikol petoepactéc  (Statistical machine translators) - ot
peTaEPaoels mapdyovial pe PBAon TG OTOTIOTIKEG HEBOOOVG TOL YPNCIUOTOLOVY
diylwoca chpata kewévav (Yo mapddstypoe 1o EUROPARL, ta peta@pacuéva
npokTikd tov Evpondaikod KowvoBoviiov). Qot6c0, T€T0l10 0duate €ivol akoun
ondvia 6 OPIoUEVOVS TOUEIS Kat Yo optopéva (evyn YAwoodv. Mia amd Tig eTonpieg
OV XPNOWOTOOLY TETOOV &€idovg ocvotriuate eivor 1 Google, n omoia, &vd
TAMOTEPAL YPNOUOTOOVGE GuoTHpata Tov Pacifoviav oe kavoveg, dAloEe ot
pébodo ortatiotikng petdppaocng to 2007. H Metdppacn Google kot dAla mapopota
CLGTNLATA GLYKPIVOLV Kot aviyveDoLuy HOTIPa Gg EKOTOUUDPLO KEILEVO TOV EYOVV
UETAPPACTEL TPONYOLUEVAOS and avOpdTOLS Kot kKdvouv £Eumveg ekTUNGELS PAoet
TOV TOPWOHATOV TOVG. Ymoloyifouv emiong moéco ouyvad oplopéves AEEELG
eppavitovton poli oe pio cvykekpévn yaoooao. H otatiotikn pébodog Advel to
TPOPAN A TNG ACAPELNG: AV 1] TOAWVIKT AEEN epOVICeTal KOVTA GE 10l OTOONTOTE
popen Tov prpatog mieszkaé ((w), T0TE MPémeL Vo PETAPPACTEL GTAL AYYAIKA ®G
castle (xdotpo), evd av gpeaviletor kovtd ot AEEN naprawiaé (emokevdlm), 10T M
Ayyhikni tov petdopaocn Oa givan lock (kKhewdapid). H moldtro tg petdepacng mov
ToPAyovV TETOW GLGTNOTO AVEAVETOL e TNV ADENCT TNG TOCOTNTOS TOV KEWEVOV
7OV £X0VV LETAPPAOTEL 0md avOpdTOLS G€ o dedopévn YAoooa. Katd cuvénela, ta
GLOTANOTO AVTA eE0PTOVTOL 08 peYGAo Babud amd t dwbecudtro TapdArAniov
KEWWEVDV.

— Mnyavikoi petappactéc mov PaciCovror oe mapadeiypata (Example-based machine
translators) - To chuo KEWEVOVY TOL ¥PNCILOTOLEITAL TTEPLEYEL KEIIEVX TTOV £YOVV

NN petappaotel. [a ) petdepacn pog tpdtacng, T0 GOGTNHO EMAEYEL TPOTACELG
pe mapopow otoyeion amd 0 chpo KEWEVOV. AVTEG Ol TOPOUOEG TPOTAGELS
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YPNOLOTOOVVTOL EMELTAL Y10 VO HETOPPACTOOV TO GTOXElD OV amoTEAOHV TNV
apykn mpdTooT Kot HeTd cuvtifevtat yia vo oynUATicovV [a TANPN TPOTOoT| GTN
YADGGA-GTOYO.

@aivetor  OTL Ol OTOTICTIKOL  PNYOVIKOL  HETOQPOCTEG  EYOLV TN UEYOADTEPN
OTOTEAECOTIKOTNTO. PLEYPL OTIYUNG. 0T0G0, Giyovpa epeavifovv atéleleg - otnpilovtot
oe peydho Pabud otig mAnpoeopieg tv Pacemv SESOUEVOV TOVG OAAD, UEXPL OTIYUNG,
aUTEG Ol TANPOPopiec O UTOPOVY VO TPOGUPHOGTOVV GTOV EIKO YOPOKTINPO TOV
EKAOTOTE KEWEVOL KO L0 TETOLO TTPOCAPLOYH EIVOL OTOPALTITY Y10 L0 OTOTEAECLOTIKT

Kat ToloTkn petdopaocn. Onwg emonpaiver o Osmatek (2014),5 oL unyovég dgv pmopodv
aKOUO VO OvVOyVOPICOUV TIS YAWOOIKES OmOYPMCELS KOl EVD £vag LETAPPaoTiS Ppioket
g0Kolo €va CUVAOVLUHO TOL TAPLALEL OTO GUYKEKPILEVO GUYKEILEVO, 1 UNYXOVY] OTADG
petaepdlet ™ AEN. Evd ot punyoavég Topdyouy cuyva KEIEVA LE KOVOTOMTIKO EMINTESO
akpifeloc, o Keipevo avtd o oTEPOVVTAL TAVTO TOV «aVOPOTIVO TAPAYOVTO», O 0T010G
glval omopaittog e optopévo. €idn KEWEVOV OT®G Ol JoPNUICES. TUUTEPUCUATIKA,
eoivetal 0Tt OTOV 0 HOVOOIKOG OKOTOG TOV KEWEVOL EIvOl VO UETAOMDOEL YEVIKEG
TApoPopiec, N UNyovikn petdopaocn opkel. AAAG 6tav To Kelpevo-nnyn Exel alentikn
a&lo Koun £xel @G GKOTO VOl EMNPEAGEL LLE KATO10 TPOTO TOV OVAYVMOGTN 1 VO, TOV TTEIoEL Va.
Kével kaTt, givat avaykaio va araoyolnBel Evag Eumelpog dvOp®mOg LETAPPUTTNG, EPOCOV
pévo awtdg pmopet va gyyumbei 0tL t0 petdopacua eEokolovBel va mAnpol OAeg Tig
AELTOVPYIEG TOV KEWWEVOL-TINYY.
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Metagpaocn Google: Oloéva Kol KOAVTEPO,

Onwg avageépetar oty Wikipedia, 1 Metagppaon Google ivol pio HETaQPUCTIKN
vanpeoio mov dnpovpyninke amd ™ Google Inc., pe ) dvvatdmra va Tapéyet dueca
™ petdppoon oG AEENG, OPAOTS, OTOCTACUATOS KEWEVOL 1M UG OMOKANPTG

woTo0eMO0g amd Kot mpog 90 yAdooEC. 6 o YAOooeg mov vrootnpifovior and v
VN PECia TEPLOUPAVOVY KATOEG OpKETA cuvnOiopéves, OTmg To. AyyAkd, ['eppavicd 1
Iomavikd, oAAG Kot opiopéves «eE@Tkéey, dnmg 1 Ovlumekikn, n Xecdto 1 1 ZvydAio.
To 2013 n etopio avokoivooe OTL 1 HETAPPUCTIKY] TNG LANPESio £ELANPETOVGE
kafnuepwvd 200 ekatoppipla avBpmdmovs. Qotdc0, o1 yprotes g Metdopaong Google
d¢ yperaletan Tavta va gledyovv ot 1ot éva andonacpa kelpévov. Onmg mapatnpel o

Schultz (2013),7 wo  mepimhokn  tapméla oto lamovikd ypeidletor amhd  va
ootoypapnbei and éva smartphone evd 1 epappoyn ™ms Google avayvopilel avtdpata
TO KEIPUEVO OTNV €IKOVOL KOl TOPEYEL TN LETAPPOAOT TOV. ENUEPO Ol ¥PNOTES YpetdieTon
amAd Vo, GNUOSEYOLV LE TNV KAUEPE TOVG Lo TVOKIdo 1 éva KelEVO Yo va d0VV TO

uetaepacpo oty 006vn. Onog avaeépdnke otnv Daily Mail, 8 o Agttovpyio, wov
mpootédnke mpoopato eivar M Asrtovpyio opMog yw T HETAQPOACT OMAMOG OF
TPOYUATIKO YPOVO, TPAYLLE TOV GNUOIVEL OTL 1] EQapuoyn umopel TAEov va avayvopilet
opAio o€ ddpopeg YADOGES. XtV mpa&n avtd onuaivel 6Tt evd ot ¥pHoTeG WAOHY TNV
EPAPLOYTN, LI YPOTTH LETAPPACT eLeavileTal otV 000vn.

Onwg avaeépdnke 1on, 1 Metdppaon Google Baciletar ot oTatioTiKy ovéivon -
10 ovotnuo Pociletar 010 cOUA KEWEVOV 1G03UVOUOYV ALEEMV KOl EKQPPACEDV GTN|
YAOGGO-TNYY Kot T YADOoA-6TdY0, VD Ta avaAoya dedopévo emAéyovtal amd avTy
mv tepdotia Paon dedopévav pe T fonbeid oTATIOTIKOY HoVTEA®V. Q6T060, OTmg NoN
avaeépnke, péyxpt 1o 2007 n Google ypnoiponotovce poviéla mov Paciloviav oe
Kavoveg, aAAG ypryopo omodeixdnke OTL o1 kavoveg givarl VTEPPOAIKG GKOUTTOL Kol
ovyva dev Tovg yepiletar kadd o vroroyotg. [V avtd 1o Aoyo n Google mpotipunoe ta
GTUTIGTIKG

5 H minpogopia avaxtiinke otig: 9 Iavovapiov 2015, Aedéome owo obvdsopo: hitp:/blog.supertrese pldl
tlumaczenia-maszynowe-sa-nieprzydatne#.\VVqDSt1K2on.

6 Awbéoio oto ovvdeopo: http://en.wikipedia.org/wiki/Google Translate. AvaxtnOnke otic: 19

Iavovapiov 2015.

7 AwBéopo oto ovvdeopo: http://www.spiegel.de/international/europe/google-translate-has-
ambitious-goals- for-machine-translation-a-921646.html. Avaktionke otic: 9 Iavovapiov 2015.

& Awebéopo oto ovvdeopo: http://www.dailymail.co.uk/sciencetech/article-2908490/Google-
Translate-app- adds-conversation-mode-translate-SPEECH-real-time.html. Avaxtrifnke otig: 19
Iavovapiov 2015.
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povtéra, Omov oAyopidpotr mpaypaTomoloby  avalitnon oe TEPACTIEG TOCOTNTEG
TANPOPOPLDY, GLYKEVIPMVOLV GYeTKd dedopéva kot pabaivoov v dw otrypn. T
TapAdELyLa, OTOV TO TPOYPOULLE KAAEITOL VO LETAPPACEL [l TPOTOOT| Amd Lo YADGo
ce o GAAM, avalntd mpdTo TPOoHmAP)OVcES avAlOYEG QPACELS Kal, pe Pdorn To
evpnuata ovtd, Ppickel Tov kKaAOTEPO TPOTO Vo cLVOEGEL TV TTPOTACT OTH YAMGGO-
ot16)0. o opiopéveg yAdooeG Kol Keileva avTd Agrtovpysl apketd KoAd, oAAG e
KGmoleg Myotepo YV®OTEG YADOGES LIapyovv mpoPAnuata. Emedn n axpifea g
Metdopaong Google sEaptatot oe peydro Pabud and to péyebog g Pdong dedopévav
peta&d g YADOOoAS-Tnyn Kot TG YAMSGaG-010Y0, N akpifela propel va peimbet otav
YivovTol HETOQPACELS OVAUESO O «eEMTIKEG) YAMOOEG, Y10 TIS OTOieg OV VAPYOVV
TOAAG dla0éotpa kelpeva. Emiong, tétoleg punyovikés petappioelg eivatl mo mhavd va
etvan axpiPeic otav yivetar petdppoon petasd 600 dopkd mAPOUOIOV YAOCCHV, T.X.
YAOGG®V pE TopOUOLD, YPOUUOTIKY Kot Ae&hoyikn doun. Zopewva pe tov Franz Josef
Och, mpodmv emikeain ™¢ unyovikng petdopaonsg g Google, o cuvdvoaouds TV
Ayylkov kot [omavikdv dovdevel ToAD KaAd, aAAd 1 HeTdepaon HETAED AyyAK®dv Kot

lamwvikdv dev givat to 610 anors%ecuatmﬁ.g

AMG axopa ki ov 1 Google petagpalet petald apketd Kowdv, SopKd TapOLolmY
YAOGG®Y, VIAPYOVY 0KOMO KOTOW oTotyelo, To. omoio de pmopel vo dlxelpilotel, yia
mapddeyla 1 acdee tov keyévov. Evad etvor oe Béon va mapdyst pio kotavonti
petdopaon, avty g Ba Oswpeitor emToyng amd TN OTYW| TOL TO GTOLKElD TOL
GLVOETOLY TNV GONTIKT TOV KEWEVOL YAVOVTaL.

M onpoviky ooy g Metdepaong Google eivatr 0Tt evnuepdveL cLVEXDS TIG
Baoelg dedopévav g Xapn 0T0 GYOAN TOV YPNOTOV ™G, TPochitovtag véeg AEELS,
PPAGEIS KOl EKPPACELS, WBILTEPMS TEYVIKOD YopakTipa. Qotdc0, TOPOTL 1| EPAPUOYN
BeAtidvetar cuveydG Kol UTOpPEl Vo LETOQPACEL G Alyo OevTEPOAETTO, Ol AvOpmTOL
HETAPPACTEG £EAKOAOVHOVV VA £X0VV TO TAVE® ¥EPL GTOV TOUEN TNG UETAPPOONG, EOIKA
0tOV TO Kelpevo Tpog petdopoon €xel kol GAAeG Asutovpyieg mEpA amd TNV
EMKOVOVIOKT.

To péhhov TG pnyoviKig neTdepaong

H Metappaon Google dev givar 1o povo gyyeipnpo pe oxond va yivoov dtabéoileg
o€ 6hovg Ypryopes petappacets. [pdypatt, aviyetonilel av&avopevo avtoyoviopud amod
dMheg etarpies. T mapddetypa, to Facebook ayopoace Mon o etonpion  omoio €xet
avamTuEEL £VOL GUOTIILO. GVTOLOTNG LETAPPACNG KAl TO KOWVMVIKO dIKTVO GKOTEVEL VAL TO
YPNOOTOWGEL Y10 VO, SIEVKOAVVEL TNV EMKOW®OVIO OVALESOH GTOVG YPNOTEG TOV, Ol
omoiot mpoépyoviar omd move amd 200 yodpec kot aplBpovv mTAveo amd  Eva

6t081<arouu1')p10.10 Eniong, n Evpornaixny Evoon éxel avantoéer 1o dikd g dmpedv

GUCTNLLO QVTOUATNG LETAPPAOTS - TO MT@EC,11 , ue okomd ™

® Schultz, 2013. “Translate This: Google’s Quest to End a Language Barrier”. Avaktinke
oTIG: 9 Iavovapiov 2015. Awbéorpo 610 GUVOEGLO: from
http://Amww.spiegel.de/international/europe/google-translate-has- ambitious-goals-for-machine-
translation-a-921646.html.
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petdopaon keyévov mov oyetiCovrar pe v EE. TlpoPAémetar axdun 6t1 AOY®
nepwondv 1 EE Ba avaykaotel 610 £yydg péddov va LELOGEL TO avBp®OTIVO SUVOULKO
NG GToV TOUEN TNG UETAPpaoNg katd mtepimov 10% (Schultz 2013).

M akopn etaipio Tov avénTuEe cOGTNUA UNXOVIKNG HETA@pacng etval 1 Microsoft.
[pokettar yoo éva mpdypoppo mov Oyt povo petappilel otiypaio, oAAG pmopel va
avayvopiost v opic Kol vo LETAPPACEL T EKOOVILLATO KATOOU €V 0VTOG LIAGEL.
‘Evo Tpaypotikd KotvoTopo YopaKINpIoTIKO TOV GUGTHUATOG auToy gival 6Tl pumopel va
TPOGPEPEL L0 PETAPPOOCT] YPNOCWOTOLDVTOG T (QOVI] TOL 3100 TOL OWANTY,
cuvlétovtog mponyovéveg amonkevpéva delypata opiiag, Kot Oyt e [iol Hnyovikn,
povotovn eovi, omwg £6ei&e to 2013 o Rick Rashid, o emikepadng epevvav g
Microsoft ce éva ovvédpo oy Kiva. Kabdg pilovce oto AyyAikd, o DVmoAoyioTig
petéppale mapdiinia ta Aoyt Tov ota KivéCika kot anédide To LeTAPPUCIEVO KEILEVO
pe ™ ewvn tov idtov Tov Rashid (Schultz 2013).

Av AdPovpe voym OAeg AVTEC TIC emTVYNUEVES TPOOTADEIES, KAOMG Kat TN cuveyn
§pEVVO. KOL TIC KOWVOTOWIEG OTOV TOUED TNG UNYOVIKNG HETAPPAONS, OV OmOTEAEL
EkmANEN To YeYOvog OTL Ol AVOPOTOL PETAPPACTES VO AVIICLYOVV YloL TV OCQAAELD TNG
gpyaciog toug. EEGALov, ot unyavéc Eemepvodv Tovg avBpdmovg amd TovAdylotov 600
TAEVPEG OGOV APOPE TN UETAPPACT: UTOPOVV VO LETAPPACOVY TOAD Yp1yopoTEPOL KOl
TOAD ONVOTEPQ, KOl avTol o1 V0 ToPAyoVTES Eival TOAD emBuuntol ofuepa, 6mov M
eowcovounon ypovov Kot 1 UeIOON TOL KOGTOLG GOTEAOVV TPOTEPULOTNTES YO TIG
TePLoGOTEPES eTaLpiec. G €K TOVTOV, OPKETOL LETAPPUCTEG OVIIGVYOVV OTL 1) VIEPPOAIKT
TPO0S0G GTOV TOWEN, TG LUNYAVIKNG LETAQPacTG Ba anetAoel TEMKE T SOVAELR TOVG.

Qot600, péYpl OTIYUNG, Ol OVTOMATEG UETAPPAGES €Yovv VIEPPBOAKE TOAAEC
advvapiec yioo vo. umopodv va ypnoyomombodyv oe 6Aovg tovg topeig e Cmme. Ta
keipeva mov mapdyel 1 Metdepaon Google kot Tapdolo GCUGTHHATE OPKOVY LOVO Yo
TEPLOPIGUEVES XPNOELG - Yo Vo, eEayOel To Yevikd VoMo TOL UNVOLOTOG TOV KEWWEVOD
myn. H dnuiovpywdtta Ko 1 vontikny kavotnto tov ovlporov sival otolyeio
ATOPOITNTO Y10 TN LETAPPOOT) KO, LEYPL OTIYUNG, OV VITAPYEL AOYICHIKO TOV UTOPEL VOl
T pupnOel. Mévet va dodpe edv KATOTE Ol uNyaveS Bo LTOPEGOVY VO OVOTAPAGTICOVY
T060 OMOTELEGLOTIKG TOV ovOp®AVO €YKEPAAO 7OV Ol PETOPPAOTEG O KATAGTOOV
mePLTTOl. XT0 PETaED MOTOCO Ol unyavikol petappactés B mpénet va avtipetomilovot
®¢ Pondnuata ot petdppoct, OTOL 0 AVOPOTOG LETAPPAUCTHG £XEL TO POAO TOL
empueN™. Avtd onpoaiver 0ti, avti va petaepdler éva xeipevo amd v apyn, o
LETAPPACTNG EAEYYEL KOL KAVEL TNV EMUELELN TNG HETAQPOAONG OV EYEL TOpoyOEl amd T
Unyovn. 12 Eyq ONUAVTIKO TAEOVEKTNUA OVTNAG TNG ouvepyaoiag eivor n avénon g
TOPAYOYIKOTNTOG TOV UETOQPAOT. [Ipopavdg, [ TETol «Unyovikn Kot avOpdmTivn
UETAPPOOT O€ UTOPEL VO, EPOPUOCTEL OTOTEAEGLLATIKA

0 Agdopéva yio ) gpovid 2013, couemva pe: Schultz, T. “Translate This: Google’s Quest to
End a Language Barrier”. Avoxmfnke otic: 9 Iavovapiov 2015. Awbécipo oto cbdvdeopo:
http://iwww.spiegel.de/international/ europe/google-translate-has-ambitious-goals-for-machine-
translation-a-921646.html.

“A100é6110 670

ovvdeopo:https://webgate.ec.europa.eu/fpfis/mwikis/thinktank/index.php/MT@EC.

22 Avaxtionke: 21 Iovovapion2015 and to ovvdeopo http://www.amtaweb.org/mt-for-

translators/.
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o€ OA0 TaL €101 KEWEVAOVY, AAAG EXEL KAAG OTOTEAEGLLOTO LE TTLO TUTKE, OPYOVOUEVO KoL
dopnpéva Keipeva pe emavaiappovopeva potifo kot TpofAéyiun xprion oporoyiag, yio
mapaderypa: ovpfdocels, eTnoles ekfécelg etapldv, tekunpimon Aoyiokod, eyyepidia

TPOTOVI®V, r.6.13

Daivetor emopévac 6Tt 0 EOPog OTL o1 AvOpwTol pETaPPUoTEG Bo avtikataoTafovy
po pépa amd pnyaveg etvon péypt ottypung apdoyog. Ilapdia avtd, sivat avardeevkTo o
polog TOL pETAPPOOTN VO 0AAGEEL oto pédAov. KoBdg to ocvotipato pPnyovikng
UETAPPAOTG OVATTOGGOVTUL OAOEVE KOl TEPLGCOTEPO, Ol AVOPMOTOL LETAPPUCTEG LITOPEL
Vo Yivouv MyOTEPO «TLTIKODY LETAPPACTES KOl TEPIGTOTEPO «IOPHOTESY, SlopBdvovTag
T KEILEVO TTOL EYOVV TPOTYOLULEVMG UETAPPACTEL ATO UNYOVES.
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4. EXOAIAZMOX
4.1 H peto@paoTtiKi] 1codvvapio

H emomun g petdopoong sivol €évo medio Tov GpYLcE VO AVOTTOGGETOL CYETIKA
TPOCPOTO — TOPOTL 1 OPUCTNPIOTNTA TNG UETAPPOOCNG LVANPYE OO OPYOIOTATOV
1pdvov, ot eEeMelc otn Bewpia TG LETAPPACNS NTAV Y10 LEYAAO SLACTNL TOAD
TEPLOPIOUEVES Kat PExPL Tov 20° aumdva 0 S1dA0yog TePLoplioTay GTa GTEVA OPLoL TNG
avTmapdBeong petald «katd AEEN» Kot «ehevBepnoy petaepacns. To medio apyloe
va aAAGCel petd ™ dekaetio Tov 1950 ko €1dkdTEPO PE TO GNUAVTIIKO £PY0 TOL
Popdv Tdkopncov to 1959, On linguistic aspects of translation, oyetikd pe v
toodvvopic. H icodvvapio npbe emouévmg 6To Tpocknvio Kot aroTélece To onueio
aeepiag v TPOPANUOTIOHO TTOve oTn Oewpla TG UETAPPOONC, UE OPIGUEVEG
a&loroyeg ovpPorég va mpoépyovtat, petald dAlwv, amd tov Eugene Nida ko Peter
Newmark.

O INédxopncov opiletan oTIC YA®GG0oAOYIKES Bepiec TOL SAUSSUre GYETIKA UE TN
duakpion avdpeca oto onuaivov pag AEENG (To ekpwvnuévo 1 ypamtd onueio, TNV
ot T AéEN) Ko To onuavopevo (To avtikeipevo | v évvola mov dnidvetat). Ta
dvo avtd otoygeio cvvamaptilovv 10 YA®GoWKO onueio Kot 1 oyéon petald Tovg
glvar ovBaipetn kol avorTioAOYNT] — O OVOLTIOAOYNTOG OVTOG YOPUKTNPUS TOV
oNUEI®V OV ATOTELODY TO GUGTNHO TG KAbe avOpdmivng YADooOg gival HeyaAng
onuaociog vy ™ uetdppacn kot e&nyel €oc éva Pabud tn SvokoAia Kabe
LETAPPUOTIKNG Tpoomdfeloc. Zoppove pe 1Tn Oewpla ™G  onuoacioloyikng
1000vvopiog Tov I'dkouncov, dgv VPIGTOTOL IGOSVVOLIN OVAUES GTIG LOVADES TOV
YAOOGIKOD KMOIKO Kol kdfe yAdooo emuepilel TV TPAYHOTIKOTNTO €
SQOpPETIKO TPOTO, TPAyHo 7oLV onuoivel 0Tt M SyA®GOIKN petdepoon (M
petdppacn ovdlpeco oe 000  SPOPETIKEG YADOOEG) elval TPOTICT®G 1
OVTIKOTAOTOON TV UWVOUCTOV O U0, YADOTO. IUE OAOKANPMUEVE, UNVOUOTO. 08 W10,
A yAwooo kol Oy ue emuépovg Cexwpiotés kwoikés uovades (Munday 2002,
c.71).

Me 115 Oewpiec Tov Nida 1 Bswpio g 160dvvapiog TPOCAVUTOMGTNKE TEPIGGOTEPO
TPOG TO OEKTN 1 OVAYVAGTN TOL HNVOLOTOC, EQOGOV 000nKe Pdon ot CLVONAMTIKN
a&la tov AéEemv, TOV GUVEIPUOY TOL UTOPPEOLY OO AVTEC, GTO TPAYLUTOAOYIKA
dMAadn otoryeio Tov KeWévou (oToLEln TG «YADGGOG gV YPNOEL). ZOUE®VO LE
TNV GTOY™N TOL YO TN SVVOLIKY 1G00VVOUIR, <N GYECH OVOUETO. 0TO OEKTH KOL TO
UIvopo. TPETEL OVOLOOTIKG Vo Efvol 10100 pe QDTH TOV VTOPYEl OVOUEST GTOVG
apyixovg oéxtes kot to upvoua» (Nida 1964a, 6.159). 'Eva 160d0vouo amotélecpa,
Uio 16000vaun avtidopaon amd TAEVPAS TOL OMOOEKTN EMLTLYXAVETOL EPOGOV TO
LETAPPaCHO EIVOL O TPOG TO TPMOTOTLIO IGOFVVAO GE EMIMEO UNVOUOATOC, PUCIKO
000V aPOpPl TNV OMOOEKTOTNTA TOV OTN YADGGO-0TOYO Kol 0G0 TO SLVATOV
TANGLESTEPO o€ emimedo Asttovpyiag. Emouévac, yuo po emtuy petdopoaon givol
avaykoio vo AaBovpe vaoyn TOVG TEPIKEWEVIKOVS TAPAYOVTES, VO KOTOVOT|GOVLE
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TN @VUGoN TOVL UNVOUOATOG TOV TPMTOTOTOV, TOV EXIKOVOVIOKO GTOYO TOV CLYYPAPLEN.
KOl TO OVOYVOGTIKO KOWO OT0 0moio omevduvetal o cuyypapéag oAAG Kol TO
LETAPPAGLOL.

4.2 Ov Aertovpyikég Osmpieg Yo T peta@poon

Boaowopévn otig Bsmpieg g oodvvapiog yio ) petappaon, n Kotapiva Pdig
apeofnrel v 1Wéa 6t 1 1odvvapio TPEMEL va EMIIDKETAL 08 MINEdO AEENG 1)
TPOTOONG TPOTEIVOVTAG TO KeEIUEVO ®G MEYOADTEPNG onpoacioc. Me Pdaon
dwikplon G oe  Kelpeva  TANPOPOPLOK(, EKPPOCTIKE, AEITOLPYKE Kol
OTTIKOOKOVOTIKE, SMIGTOVOVUE OTL TO GLYKEKPLUEVO Kelpevo apetmplog sivol
Katd Pacn TANpoPoplaksd Kol Tpémel va 600el faon dote va petadidetar To TANPES
aVAQOPIKO 1 EVVOIOAOYIKO TEPIEYOLEVO TOV TPOTOTVTOV, UE TOPOYN €ENYNCEDV
otav amortovvtal (Munday 2002, 6.124-127).

Me 1 petatdmion ¢ Tpocoyne amo ) AEEN Kot TV TpdTac TPog OAO TO KEIpEVO,
ol Aertovpyikég Bempieg amodidovy 1dtaitepn onUOGia OTIG LETAPPACTIKEG 00NYieg
(translation brief) ka1 ot0 Hg T0 KABE eMKOWWVINKO TANIGIO HEGH GTO OMOI0
TOPAYETAL L0, UETAPPOUCT) amalTel O0QPOPETIKEG TTPpOcEYYioels. AkoAovbdvTag T
Oeopnon g Christiane Nord pmopodue va Skpivovpe TO UETOQPOCTIKG
TPOPANUATA GTIG TOPAKATO KOTYOPIES:

o Ilpayuaroioyika. EEwkeyevikd otoygio, OT®G O OKOTOG TOL
KEWEVOD, 0 TAPOY®DYOS Kol 0IodEKTNG TOV, O TOTOG KL 1) GTIYUN TNG
TAPOYDYNG TOV, 1] AELTOLPYiD TOV, KAT.

o Ilohiticuka: lloltiopukég Sweopéc, MON, €0ywo ko cvpPdoeic
avapESa 6€ avOpOTOVE e SLOPOPETIKOVE TOMTIGHOVG.

o Tllwocoloyikd. Aopkég dopopéc oe emimedo Ae&thoyiov, chvTagng
Kol @vVoAoyiog avapeso oTig dV0 YADGGOES.

o Opoloyixd: Aopopég 06OV apopd TNV OPOAOYiaL.

4.3 MeTO@PAGTIKI] EVTOAY] KU1 HETAPPUCTIKA TPOfApoTa

211 ovykekplpévn mepintoon o Bewproovpe 6Tl 1 Aettovpyio TOL HETUPPACHOTOS
glval mopopolo PE OUT TOV TPOTOTOTOL KOl OTL SOTNPEL TOV TANPOPOPLOKO
YOPAKTN P TOV, omeLOuvoUEVO GE dToua (e VTOPadpo oTIC YADGGES, TN LETAPPAoN
N TV TANPOPOPIKY, Kot €WKOTEPA AauPfdvovtag v’ Oyn 0Tl To Keipevo eivat
ONUOGIELUEVO GE £VO. EMOTNUOVIKO TEPLOJIKO UTOPOVUE VO TOOVOAOYCOVUE OTL
T0 ovayvooTikd koo Oa gival émg éva Pabud e€olkelmpévo Pe TO OVTIKEIUEVO
avtd. Oewpovpe 6Tl T0 petdppacio, Bo uropovoe va, ONpoctevbei oe £va TopdUoL0
EMMVIKO TTEPLOSIKO Kot OTL Ol EMKOWVMVINKEG GLVONKESG YOP® Ao awTo gival 660 TO
SuVaTOV TOPOUOLES LE OUTEG TOV TPOTOTOTOL. Me pio O£d0UEVN LETOQPACTIKN
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€VTOAM umopovue va apyicovue vo e€etdlovpe To TPOPANUATO TNG GLYKEKPLUEVNS
petdppacnc pe faon tig Topandve S1oKpicELC.

Avopopikd pe To TPOYUOTOAOYIKE TpoPAnupato oe eminedo Keévov, ovtd
voiotavtol Kat' apyls o€ kdbe peTappacTikn TPAsn, €POGOV To eEMKEUEVIKA
otolyelon Og pmopel vo eivor amoAbTOC To O Yo TO Kelpevo @NyN Kot TO
omolodnmote petappacpa. H mpaypatoroyia pumopetl va pag Bonbioet oty épon
TOV OUPIoNOV pe TV €EETAON TOL VONUOTOS 6TO TANIGL0 PEGH GTO 0moio avTd
ekppdleTar.

I"oa 1o keipevo pag ta mpaypoatoloyucd tpofinpata tepropiloviot katd £va peydio
Boabud amd T CLUYKEKPEVT] UETAPPOCTIKY EVTOAN, EPOGOV £XOVLE TEPLOPIOEL TIG
EMKOVMVIOKEG GUVONKEC Kal TN AEITOVPYIO TOL HETOPPACHUATOS G OGO TO dVVAUTOV
TOPOUOIEG e OVTEG TOL TPMTOTVTOL. A&ilel emiong vo avohoyloTobpE TNV
TUTOAOYIO. TOL KEWEVOD, e Pacn ™ Bewpia g Paig, dniadn tov Tov KEWEVIKO
TOmo (text type) oe cuVOVAGHO e TIC O TPOSPATEG DEmpiec TEPT KEWWEVIKOV €GOV
(text genre). Evéd n mpdn yopilet o keipeva pe Paon tig Aettovpyieg g YAOOGOS
(TAnpoPoplaKT), EKQPACTIKY, AELTOLPYIKN), 1) deVTEPT avTiLeTOTILEL To KEIPEVH MG
OVTOVOUES UOVAOES KOL ¢ YVWOTIKG TPOIOVIA KOIVOVIK®V KOI TOMTIGUIKOV
OVUPGOEDY LIOS OUYKEKPIUEVHS ETIKOIVWVIOKNG TEPIOTAONS, TPOIOVIOA TO. OMOid
K®dkomoohv TG ovuPdacelg ovtég Ko avoyvopilovtolr amd To pEAN oG
TOAITIGUIKN G KOWVOTNTOC, TOGO MG TPOC TN LOPPT KAl TN SOUN TOVS 0G0 KOl MG TPOGC
TOVG TPOmOLE koTtovonong kot ypnong tovg (Ipappeviong «k.a, 2015).
Avaroyilopevol Ty Katd kOplo AGyo TANPOPOPLOKY] AELTOVPYIO. TOV KEWEVOL-TINYY|
KOl TN GUUUOPPMOCT TOV UE TIC GLUPACELC TOV SIETOVV Ta EXCTNUOVIKG, GpOpa. ToL
amevfivovral ot d1edvi aKkadNUaTkn KOOt Te 6To ayyAKE, € SUGKOAEVOUUCTE
va S1oKPIVOVE TOVG KOVOVEG GE EMITEDO VPOV, EKQPAOTG KAT. oV Oa ypelocTel va
AdPovpe vIdYN OTN PETAPPUGCT). L& CLUVAPTNOT LE TO TAPOTAVE®, EIVOL TPOPAVES
OTL Ol TOMTICUIKEG 10101TEPOTNTEG EMioNC eplopilovTon oe peydio Padud, epdsov n
GUVTAKTPLO TOL KEWEVOL ameLBHVETOL TPOG TO VPV, JEBVEG EMGTNUOVIKO KOWO,
KUplG GTOV TOUEN TNG HETAPPAONS KOl TV YA®GGIKOV omovdmv. H pntpikn g
YADGOO, KOl O TOMTIGUAC, TO TOAMVIK(, OV avAOEIKVOOVTAL GTO KEIUEVO TTaPE LLOVO
Yo TV TopabeoT TOPUSEYUATOV. TN GVYKEKPLUEVN TTepintwon meplopilovtal ot
YPNON OPWOUEVOY TOAWVIKOV AéEemv, my. mieszkaé, naprawiaé, Omov oTNV
EMMVIKY] PETAQPACT TPOocHEGaE TNV amdOO06T GTO EAANVIKG Y10 TIG TOAMVIKEG
AéEeic Omov ypelaloTav yio va S1IEVKOADVOLLE TOV UVAYVAGTH.

Avoopikd pe Tig 00O TEAELTOIEC KOTNYOPiES METOQPACTIKOV TPOPANUdT@V
obpemvo pe ™ Nord (YAwoooloyikd kat oporoyikd), meplocOTEPO EVIAPEPOV
wapovctdlovy ta devtepa. Yapyel peydho mAn00c 6pmV Kal EVVOLDY TOV OOLTOVY
OMOTH OVTIOTOL(ION O EAANVIKOUG OpPOVG, €V TOAAEC (POPEC OV VTAPYEL
GLYKEKPIUEVT] TUTOTOMNUEVN EKQPACT] OTA EAANVIKE, dedopévou 0Tt 1 BipAloypagio
VO ©TO OVTIKEILEVO auTd givarl TOAD meplopicpévn otn yopo pog. H edpeon
opbov amoddcemv TETO1V OpeV GTNV EAANVIKY £ytve e TN Pondeia mapdAAnAwmy
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KEWEVOV, GLYKEKPIUEVA TNG EAMNVIKNG eMoTNUOVIKNG PipAoypapioc mhveo ot
UETAPPAGEOAOYIO KOl TNV TEXVOAOYIKT TNG OLUOTOOT), SLOOIKTVOKMV AEEIKMOV Kol
tov Bacewv oporoyiag g EAETO (EAAnvik) Etaipio Opoioyiog).

AVo amod Tig duckolieg Tov oyetilovTal Le TV oporoyia Eival 1 TOPOLGIN OPWV TOL
dgv ¥pNOIUOTOLOHVTOL STV KAONUEPIVI YADGGO Kot Aottovy EEEIOIKELUEVT] YVDOT
tov mediov (m.y. Statistical method, speech recognition, Natural Language
Processing «Am), oAAG KOl OPIGUEVOV OP®OV 7OV  YPNOLULOTOOVVTOL OTHV
KaOnpepvi YAOGGO, 0ALG OTOKTOOV GAAN onpocio. 6T0 cuykekpiuévo mtedio (m.y.
utterance - exp@vyue). L TETOEG TEPIMTMOOELS TPETEL VO, HIVETAL TPOGOYXN DGTE 1
¥pMoN TG oporoyiag va eivat emoTnovikd opdn Kot cOpemvn pe ™ Pipioypapia,
EVD OE TMEPIMTAOGELS OOV OV VTAPYEL TAYIOUEVT] EKPPOGCT TPEMEL 0T oL Ol
Kataokevachel vo eivol apkeTd mEPypapikn Kot vo, dStoc@ariletal 6TL 1 petdfoon
oW TPog Tov ayyAkd 6po va givar 660 T0 duvaTdv To gOKOAN. ‘Evag amd toug
AGYOLC Y100 TO TEAEVTOLO EIVOL OTL O AVOYVAGTNG EVOEXOUEVIS VO, YPEICTEL VO KAVEL
TNV OOPOITTN KOVTIOTOLYIO» OVAUEGO GTOV TPMTOEUPOVILOUEVO EAANVIKO OPO KoL
Vv lomg NON YVOOTH 68 aUTOV ayyAIK) opoAloyia, 1 vo ypelootel vo avalnTinoet
TEPIOCOTEPEG MANPOPOPIES LE apeTnpio. TNV ayyAk] opoAroyio mov Ba amodmoet
TEPIOCOTEPA. ATOTEAEGUATO. ME aVTO TO GKEMTIKO TOAAEG POPEG GTO LETAPPACLLN
mopotifetor Kot M ayyMkn opoloyio, €KTOC amd TV EAANVIKN 0mdd0oT|, Y.
Muyyoviky petdppaon ue avlpamvy vrootipién (HAMT - Human Aided Machine
Translation).

Emmdéov, 610 TP®OTOTLTO YPNGUYLOTOIOVVTOL TOAAN OPKTIKOAEED Kol OKP®VOUL,
Yo To. omoilot 1 avTUETOTIoON dev eivan mavto M 0. o mapddeypo, oy
nepintowon g Zovufovievurne Emtponng yio v Avtouarny Eneéepyooio I'Awooog
(Automatic Language Processing Advisory Committee, ALPAC) yivetat puo mpdTn
LETAPPOOT OTO EAANVIKE KOl TopoTifeTAL 1) EMIOTUN OVOHOGIO OTO OYYALKA, EVD
OTN GLVEYELN ¥PNCIUOTOLEITAL TO TTAEOV EVKOAQ, avoyvapicio apktikoreéo ALPAC
og €xet. IToAAd opkTiKOAEEX TOL OVOPEPOVIOL GE GULOTHUATO  HUNYOVIKNAG
eneEepyaciog YAOooog de petappalovial Kaddg 1 HETAPPOUCT TOVG OTA EAANVIKA
Oo dvoyépaive v avayvociudtnte Tov kewévov (LOGOS, METAL, METEOQ,
SYSTRAN). Ocov agopd T daipecn NG UNYOVIKNG UETAPPaoNS OV KAVEL O
Hedden, ta opxtikoreo tov ocvomquatov (MAHT, CAT, HAMT, FAMT)
TOPOUUEVOLY G £YOVV KOl TOPATIOETOL O TPOTOTLTOG OPOC OTA OYYAMK(O OF
oLUVOLOCUO pE TNV EAANVIKT opoloyia, o€ cuupavia pe T Biproypagic Tdve oto
avtikeipevo (oto I'poppeviong k.4, 2015).
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5. TAQXXAPI

Ayyhxka

Machine Translation
Natural Language Processing
Computational Linguistics
Language Technology
Machine Learning

Deep Neural Networks
data processing

strong artificial intelligence
statistical method

corpora

speech recognition
localization

database

statistical method

speech recognition

speech synthesis
spellcheck

text editor

EAnvika

Mnyaviky Metdopaon
Enegepyacio Pvowrng ['Adocag
Ymoloyiotikni I'Awocoroyia
IMNwoown Teyvoroyia
Mnyovikn Madnon

Babud Nevpovicd Alktoa
enekepyocio dedopévav
1oYLPN TEYVNTH VONUOGHVN
GTOTIOTIKY 1EB0SOG
COUOTO KEWWEVDV
avayvepilon opkiog

TOTIKY| TPOCAPLLOYY|

Béon dedopévav

GTOTIOTIKY 1EO0SOG
avayvopilon opkiog
ovvbeomn opuiiog
opBoypapiodg ELeyyog

enekepynoTng KEWEVOL

Computer Aided Translation (CAT) LETAQPOOT LE UNYOVIKT] VTTOGTNPIEN

UIYOVIKT LETAQPACT 1E avOpdTivn
Human Aided Machine Translation (HAMT) vmootpi&n

instruction manual gyyepido ypnong

Fully Automated Machine Translation

(FAMT) TANPOG CVTOLOT UNYAVIKT LETAPPOCT)
homonym OULMVLO

Mnyavikoi peta@poaoctéc mov Pacilovtal o
Rule-based machine translators KOVOVEG

Transfer-based machine translators
Statistical machine translators

MnyoviKol HETOPPOCTES LETAPOPAG
ZTOTIoTIKOL UNY0VIKOl LETOPPACTES
parallel text mapdAInio keipevo

Mnyavikoi petappooctéc mov Pacilovral o
Example-based machine translators noapadeiypoata

communicative function
software documentation

EMKOWVOVINKT AELTOLPYIQ
Tekunpinon Aoyopuikod
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